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Policy implications: Preparing
a better future for young people

New technologies generate both opportunities and challenges
for young women and men as they transition into or within the
labour market. Policy-makers must ensure that there are enough
decent jobs for young people and support them in preparing
for the future.
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Chapter 5. Policy implications:
Preparing a better future for young people

The youth employment challenge is constantly evolving, as are the policy responses.
This evolution is shaped by the global debate on the role of young people in society,
changes in labour markets and the effect that public policies have on young people.
It is crucial to design policies that harness new technologies to create decent jobs for
young people while tackling the risks arising from technological change and new
forms of employment. This requires innovation in policy action. In the words of young
participants at the Global Youth Employment Forum in Abuja in 2019, “Trends on youth
un- and under-employment have been going in the wrong direction. We need systemic
change. Business as usual is not working".!

This chapter presents a policy framework and some examples of successful policies
aimed at creating more and better jobs for young people at a time of rapid technological
changes, and proposes a number of recommendations.

5.1 New technologies present both risks and opportunities
in the creation of decent jobs for young people

Technological change is one of the most disruptive drivers of the future world of work.
It generates new jobs, increases the productivity of firms and workers and enhances
the ability of governments to implement policies. At the same time, it leads to the loss
and/or transformation of jobs and can have an impact on inequality among different
groups of workers and countries. As “digital natives”, young people tend to be early
adopters of new technologies. It is harder, though, for many youth in low- and middle-
income countries to enjoy the benefits of these technologies. As shown in Chapter 2,
young people are very often engaged in occupations with a heightened risk of automation,
from which they are more likely to lapse into unemployment and inactivity. In addition,
new technologies have given rise to new business models and forms of work: the “gig
economy”, “platform work”, the “on-demand economy” and the “sharing economy” - terms
that did not even exist only a few years ago but are now commonly used by young people.

5.1.1 Preparing a better future for young people

The ILO Centenary Declaration for the Future of Work, adopted by the International Labour
Conference at its 108th Session in June 2019, emphasizes the need “to act with urgency to
seize the opportunities and address the challenges to shape a fair, inclusive and secure
future of work with full, productive and freely chosen employment and decent work for all.”

One area that calls for urgent action is the macroeconomic policy framework, which
needs to be reconsidered in the light of technological advances. The current discussion
on inclusive growth, for example, accounts for the fact that growth tends to be uneven
(Ray, 2010) and that a major source of productive inequalities is related to the unequal
access to and spreading of technologies applied to production (Hart, 2012). In other
words, new technologies can increase productivity and drive down the prices of goods
and services, thus resulting in higher real incomes that can translate into greater
aggregate demand and creation of new jobs. At the same time, these developments can

1 1LO: Global Youth Employment Forum 2019, Activity report, Annex 2, Youth Statement.
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create further inequalities or dampen incomes. Therefore, the macroeconomic policy
framework should ensure that there is sufficient aggregate demand to absorb (or to
compensate) displaced workers and new entrants to the labour force.

In the case of young workers, if their potential is to be fully realized, it is vital to create
new jobs in growing and dynamic sectors by combining an appropriate macroeconomic
framework with specific industrial and sectoral policies. Investments in digital infra-
structure are key to increasing connectivity and improving access to technologies that
can boost job creation, such as big data, the Internet of Things and blockchains.

Technologies are also transforming macroeconomic policy instruments. With regard to
fiscal policies, Abbott and Bogenschneider (2018), for example, argue that the tax system
can inadvertently incentivize automation because payroll taxes are not paid on robots and
accelerated tax depreciation on capital costs may occur. Moreover, automation can reduce
tax revenue, which in developed economies is derived mostly from labour-related taxes
(ibid.). Given the pressure on public services is likely to increase because of technological
disruption, a reduction in tax revenue could have grave consequences. Clearly, tax sys-
tems and public expenditure will have to be reviewed carefully to ensure that there
is sufficient funding to support innovation, productive employment, social protection and
an environment conducive to lifelong learning. Of particular interest is the role of taxation
in funding policies to compensate for the negative effects that new technologies may have.

Technology is also affecting monetary and financial policies. Cryptocurrencies provide an
alternative means of payment, which may have consequences in demand for national
currencies and the ability of central banks to conduct monetary policy effectively. On the
other hand, technology-enabled financial inclusion, crowdfunding, peer-to-peer lending
and similar mechanisms provide greater opportunities for young entrepreneurs and other
players in the real economy to secure financing and attract investors.

Ensuring coherence between macroeconomic and demand-side policies that spur enterprise
growth and productivity can promote inclusive structural transformation. Productive
development policies and enterprise development policies would lead to an enabling
environment for labour-intensive industries, thereby creating more jobs.

At the same time, there should be coherence with investments in education and skills
development seeking to promote sustained economic growth and decent work. This
includes updating education and training curricula at all levels to keep up with the rapid
pace of technological change. In many low-and middle-income countries, young people
are more educated than ever (see Chapter 4), yet the decreasing returns to post-secondary
education arguably point to the imbalance between the supply and demand for this
type of education. If young people are to benefit from the employment potential of new
technologies, they must be equipped with skills that are relevant to the labour market
from their early school years. Adapting education and skills development policies
will ensure that young people achieve a successful school-to-work transition and can
cope well with subsequent working-life transitions.

5.1.2 Tackling the risks associated with new technologies

Ensuring inclusive growth is necessary to help young people benefit from the oppor-
tunities of technological change but also to manage the risks associated with such
change. Yet, that alone is not sufficient. Across countries and regions, young people face
different labour market challenges that require specific policy interventions.

The immediate impact of technology and automation is arguably greater in high-income
countries. Young people in these countries benefit from labour market institutions
that help school-to-work transition and to find a job in case of unemployment. In
addition, they benefit from social protection systems that support them throughout
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unemployment, sickness or disability. In middle- and low-income countries, with high levels
of informality and sometimes weaker labour market institutions, these countries provide
insufficient support to unemployed youth or young people entering the labour market for
the first time. Moreover, the impact of automation in high-income countries may spill over
to the labour markets of middle- and low-income countries, as it potentially fuels “reshoring”
by reducing the relative cost of domestic production in developed countries (Faber, 2018).

In all countries, low-qualified and low-skilled young people face a greater risk of being
displaced by automation than those with higher qualifications and skills. However,
higher education is no longer a guarantee of employment and stable livelihoods given
the decreasing return on investment of post-secondary education. This is mainly due
to the limited number of decent jobs, inefficiencies in job-matching mechanisms and
discrepancies between jobseekers' skills and those required by employers. Consequently,
many overqualified young people are pushed into occupations typically performed by those
with lower levels of education. This places low-skilled young people in a particularly vulner-
able situation because they face both upward pressure (the risk of automation) and
downward pressure (displacement by young people with a higher level of education).

Policy interventions should focus on three main youth groups: (a) young people in education
transitioning into the world of work; (b) young people already in the labour market;
and (c) young people who have already been displaced by new technologies, including
those neither in education nor in the labour market (NEET).

Education and training can help young people acquire skills that are relevant to the labour
market, including technical, digital and core work (soft) skills. Research indicates that the
impact of new technologies on occupations requiring core work skills, such as teamwork,
creativity and critical thinking, will be lower than the impact on occupations based on
performing repetitive tasks. EqQuipping young people with digital skills is essential not only
because of their intrinsic value to a specific occupation but also because they can open
door to acquiring additional knowledge, skills and qualifications. Although young people
in general are more apt to learn, use and develop new technologies, inequalities in their
uptake are caused by differences in the level of education, gender, geographical location
(urban or rural) and access to the necessary infrastructure (Dasgupta, Chacaltana and Prieto,
forthcoming). The adoption of digital technologies by public employment services can help
young people because they are the primary users of these technologies (see Chapter 3).

National training systems should offer upskilling to help young workers at risk of being
replaced by machines or automated processes. Combining training with on-the-job learning
has proven to be successful in both developed and developing countries (Dema, Diaz and
Chacaltana, 2015).

In high-income countries, the spread of non-standard forms of employment, such as the
gig economy, has led to a rise in vulnerable employment. While the gig economy can
promote labour market participation - in particular, “crowdwork” has the potential to create
a “planetary labour market” (Graham and Anwar, 2019) - there are several major concerns.
These include concerns not only about the employment relationship and working conditions
but also about whether crowdwork can be used as work experience when applying for jobs
in the “offline” labour market because it is not easy for such workers to demonstrate what
they have been doing and to provide human references (Pinedo Caro et al., forthcoming).
As the Global Commission on the Future of Work has argued, “[t]here is a need to review
and where necessary clarify responsibilities and adapt the scope of laws and regulations to
ensure effective protection for workers in an employment relationship. At the same time,
all workers, regardless of their contractual arrangement or employment status, must equally
enjoy adequate labour protection to ensure humane working conditions for everyone”
(ILO, 2019, p. 38).

In low- and middle-income countries, the issue of job quality remains closely linked to that
of informality. Therefore, an important challenge of the provision of lifelong learning in the
informal economy exists. On the other hand, Chacaltana, Leung and Lee (2018) give several
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examples of policies that have been adopted to tackle informality, including measures
making it easier to register businesses and workers and modifications to the eligibility
criteria for social protection for ensuring that vulnerable workers are covered. In both cases,
the right to collective bargaining is also a key element of policy-making.?

Young people who have already lost their jobs, including as a result of automation, need
specific and targeted support. This will help them to shorten their unemployment spells
and prevent them from becoming NEET. Given that technology is automating specific
tasks of occupations and not occupations themselves, young people could benefit from
re-skilling and upskilling to be employable again.

5.2 New technologies have the potential to enhance
the support provided to young people

New technologies are transforming youth employment policies, particularly in areas
such as training, employment services and the promotion of entrepreneurship; they
are even having an impact on policy coordination. In this section, we examine some
relevant public sector interventions from recent years.

5.2.1 New technologies can be used to improve training

Equipping young people with technical skills that are in high demand, together with
life skills (e.g. communication, teamwork) that enhance their general employability, is
crucial. Even for non-technical roles such as customer services or sales, job applicants
are increasingly expected to possess digital skills. Some examples of relevant initiatives
are presented here:

P Up to 6,000 students and recent graduates from all disciplines are expected to
benefit from the EU’s “Digital Opportunity Traineeships” between 2018 and 2020.
Participants can gain hands-on experience in fields that are in high demand among
employers. The training programme is designed not only to improve young people’s
skills regarding cybersecurity, big data, quantum technology and machine learning
but also to promote digital skills among the companies hosting the traineeships,
especially in such areas as web design, digital marketing and software development.
The trainees receive an allowance for between two and 12 months, in line with
Erasmus+ rules and procedures. Companies willing to host trainees publish their
vacancies on platforms such as ErasmuslIntern and Drop’pin, or advertise them
through university career services. A certificate is issued by the company to the
trainee and the university within five weeks of the conclusion of the traineeship.

P The “One Million Arab Coders” initiative, launched in the United Arab Emirates
in October 2017, seeks to provide free training in coding and web development to
1 million young Arabs. The aim is to jump-start the modern technology sector
in the Arab world and ensure that it stays up to date. The programme consists of
three phases lasting two years. The first phase involves registering on its official
website as a student or tutor. Prospective students are asked about their motivations
and aspirations so that the most appropriate courses for them can be identified.
The second phase is a three-month online course covering various aspects of web
development (e.g. mobile apps, front-end and full-stack web development, data
analysis). The third stage consists of more specialized courses and vocational
training. There are monetary incentives to encourage students to persevere with

2 The very classification of gig workers as self-employed has begun to be called into question in high-income countries,
including Spain, where the courts in July 2019 ruled that both Deliveroo and Glovo workers were in fact employees
(High Court of Justice of Asturias, Social Chamber. Ruling No. 01818/2019 of 25 July 2019; and Madrid Social Affairs Court
No. 19. Ruling No. 188/2019 of 22 July 2019).
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the training and complete it, which is always a major problem in online education.
Because all the training is provided online, the programme is attractive to young
people who have study-, work- or family-related responsibilities. The main challenges
are targeting and ensuring that participants complete all the courses they have
signed up for.?

Various countries have adopted innovative mechanisms for training:

P> The Bahamas is implementing a national system based on blockchain technology
for verifying academic credentials and professional certifications. After a successful
pilot project, developed by the Massachusetts Institute of Technology and funded by
the Inter-American Development Bank, the National Training Agency issued its first
“Bahamas Blockcerts” in June 2018. Bahamas Blockcerts provide individuals with
a digital portfolio that can easily be viewed and verified by employers. The National
Training Agency was the first institution to issue Blockcerts for all of its workforce
readiness and skills training courses. It is expected that more national agencies
and education and training providers will gradually be integrated into the sys-
tem. A National Blockchain Strategy Committee has been established to roll out
the new technology, which is expected to make lifelong learning easier for workers
(Nassau Guardian, 2018).

P> In Chile, the National Training and Employment Service (SENCE) has launched the
“Elige Mejor” (Choose Better) programme,* based on a technology similar to that
used in the Booking.com website. The programme’s objective is to ensure that
SENCE beneficiaries have more and better information to draw on when deciding
which training courses they wish to sign up for. Both trainees and their companies
have the opportunity to evaluate the training experience. It is expected that the
results of these evaluations will eventually be published on the “Elige Mejor” website.
Within a few weeks after its launch, users had evaluated over 7,000 courses and
around 2,000 training providers.

P Inthe EU, the Directorate General for Education and Culture created the “Europass”,
an electronic credential that seeks to ensure that workers’ skills and qualifica-
tions are clearly understood and recognized across EU countries, regardless of
the differences in education systems. It has three objectives: help citizens com-
municate their skills and qualifications effectively when looking for a job or train-
ing; help employers understand the skills and qualifications of the workforce; and
help education and training authorities define and communicate the content of
curricula.®* The Europass provides a learning credential describing the owners’
skills and learning outcomes through formal, non-formal or informal learning.
It has a digital signature called e-Seal that guarantees its origin and integrity to
prevent fraud. There are Europass centres in all EU countries, with information
available in 27 languages.

5.2.2 New technologies are transforming public employment services

Public employment services in countries at different levels of development are em-
bracing new technologies to improve service delivery and outreach and promote effi-
ciency. These technologies have been instrumental in expanding coverage, improving
the range and quality of services and making the labour market more transparent at
a relatively low cost. Technology is also facilitating the integration of unemployment
benefit systems with employment services.

3 Cuautle Segovia and Costa Checa (2019) provide other similar examples, implemented by NGOs or social entrepreneurs,
such as the Laboratoria programme in Latin America and the Simplon.co project in France.

4 See: https://eligemejor.sence.cl

5 See: https://europass.cedefop.europa.eu/about-europass
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As discussed in Chapter 3, there are a number of innovative evolutions based on new
technologies.

P> Many high-income countries have set up systems for collecting big data by linking
databases on jobseekers and registered vacancies, as well as by gathering data on
elements such as job matching, unemployment insurance, training, wages, benefits
and compensation for industrial accidents and occupational diseases. Chapter 3
discusses the cases of the Korea Employment Information Service or the Universal
Credit system in the United Kingdom, based on the “digital first” principle, which
has replaced separate unemployment benefits, resulting in greater integration.
In the United States, the National Association of State Workforce Agencies has set
up an Information Technology Support Center to assist states with the implemen-
tation of unemployment insurance programmes. New technologies have also
been widely adopted by public employment services in developing and emerging
countries, albeit at a lower level: mostly in job intermediation platforms. In some
cases, new technologies are being used to look beyond qualifications in job matching.
In Flanders (Belgium), artificial intelligence is used to match jobseekers with job
offers on the basis of their skills, location and preferences, and they have an app
called the “Digital Advisor” to help school-leavers improve their job interview
skills through online teleconference sessions. Estonia is a notable example of the
increasing use of new technologies in public employment services, as it is part
of an “e-government” environment that relies on the secure Internet-based data
exchange. A digital signature allows all citizens to log on to a common data plat-
form where they can access most public services, including employment services.

P Middle- and low-income countries are also modernizing their public employment
services with new technologies. In 2018, Paraguay launched a new job-matching
engine called “ParaEmpleo” (“For Employment”), which uses semantic indexing
and location mapping algorithms to recommend suitable vacancies to jobseekers.
In India, in 2015, the Government decided to overhaul the system and estab-
lished the National Career Service based on an online job portal that brings together
all key players: employers, jobseekers, private employment providers, NGOs,
training institutions, vocational guidance specialists, careers advisers and local
artisans working in the informal economy.

Moreover, new technologies are being used to improve multi-agency coordination in the
implementation of youth employment policies. In Peru, an online platform has been used
since 2011 to coordinate the authentication of credentials. The Ministry of Labour provides
young jobseekers aged between 18 and 29 with a free “Single Employment Certificate for
Young People”, which covers various types of credentials required by employers, including
identity data, educational and judicial records and work experience. Employers can easily
check the authenticity of these certificates because the relevant data are uploaded to
the website of the Ministry of Labour. Employers in many developing countries would
welcome such systems that can provide authenticated information on the background
of job applicants.

All these innovations have the potential to improve access to public employment services
and enhance their institutional capacities. At the same time, there is discussion on the
effect of more automated solutions on key labour market variables, such as discrimination
depending on the way algorithms are built to screen candidates (Ajunwa, forthcoming),
which call for relevant government regulation. In addition, the processing of personal data
of workers by employment services, whether provided by the public authority or private
employment agencies or the third sector, should comply with national law and practice
regarding protection of worker privacy. International labour standards on employment
services foresee that information collected on jobseekers should be limited to matters
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related to the qualifications and professional experience. Given that about half the world’s
population does not have Internet access (UNCTAD, n.d.%), public employment services have
a key role to play in closing the digital gap for clients lacking digital skills or Internet access.

5.2.3 New technologies can be used to promote youth entrepreneurship
and self-employment

Technology-based solutions can help young people realize their entrepreneurial
aspirations by facilitating access to markets and market information, and by enabling them
to acquire financial, entrepreneurial and digital literacy skills (e.g. through online courses
and coaching, mobile learning apps and digital training materials). Access to finance for
young entrepreneurs can be enhanced through mobile and crowdfunding channels, and
electronic and mobile payment methods can be used to support the formalization of
new businesses (Weidenkaff and Witte, forthcoming).

The initiatives discussed here illustrate the use of digital technologies to promote
enterprise development and youth employment:

P In 2012, Peru’s National Institute of Statistics and Informatics created, with assistance
from the ILO, a Geographical Information System for Entrepreneurs, which is directed
at people considering starting a business. Potential entrepreneurs (mainly those
intending to set up small- and medium-sized enterprises) can obtain economic,
demographic and social information on areas in which they are planning to operate.
The system, for example, provides information on sales, profits, costs and the number
of workers in similar businesses in the areas of interest.

P> The Republic of Korea is supporting the creation of “smart factories”, that is, fully
automated, technology-based manufacturing systems. Aiming at a figure of 30,000
by 2022, the Government and firms share equally the costs of establishing smart
factories, which are expected to promote innovation and efficiency, as well as to
improve working conditions. Indeed, a recent evaluation by the Korea Labor Institute
found positive impacts on the number of workers, productivity and product quality.

P The digital platform UjuziKilimo helps farmers in Kenya to plan their work better and
reduce weather-related risks.” Drawing on real-time farm data from sensor devices,
the platform uses machine learning and data analytics to provide farmers with
timely and accurate information on fertilizers, seeds, weather, crop management
and markets. This information is transmitted to farmers together with recommen-
dations via text messages.

5.3 Involvement of young people in social dialogue is essential

New technologies are having an increasing impact on labour markets across the world,
not least on youth employment. An integrated policy framework to support young people
in securing decent jobs in such a context is critical for future socio-economic progress.
Thus, policies are required to generate a sufficient number of decent jobs, equip young
people with the skills required for those jobs, ensure that they enjoy social protection
and have rights at work and encourage them to join workers’ and employers’ organ-
izations so that they are represented in tripartite dialogue. Failure to take action would lead
to growing numbers of discouraged young people in many countries and ultimately under-
mine their socio-economic development.

6 See: https://sdgpulse.unctad.org

7 See: https://www.ujuzikilimo.com
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In this chapter we have looked at several examples of labour market policies designed
to support young people in rapidly evolving labour markets. These interventions have
ranged from training on digital skills and the promotion of young digital entrepreneurs
to the adoption of innovative mechanisms for delivering employment services.
Although the evidence on their success or otherwise is still limited, it is important to
monitor such interventions closely because there are many lessons to be learned for
policy-makers. The use of new technologies can clearly improve the design and imple-
mentation of youth employment policies aimed at fostering inclusive growth and the
creation of decent jobs.

There are, however, some key concerns over the use of new technologies, including in-
equalities in access; the need to provide social protection for young people working in the
informal economy and platform economy and to uphold their right to collective bargaining
and freedom of association; the presence (or absence) of labour market institutions and
their capacity to adopt new technologies; and the protection of personal data to prevent
discrimination. In the Global Youth Employment Forum, 2019, held in Abuja, young
participants noted in their recommendations that “the right to disconnect is more than
calling for a work-life balance: the rise of social media and individual data generation
and collection is unjustly being used to control people even when they are not working".®

These concerns must be addressed through social dialogue with the active engagement
of young people. Tripartite consultation remains the basis of sustainable progress and
social justice. It is essential that young people should be included and represented in
tripartite dialogue on the future of work, ideally as members of decision-making bodies.
This is undoubtedly an ambitious goal, but it must be pursued if we are to secure a more
inclusive and just future of work for young people. This can be ensured either by the
social partners or through the direct representation of youth organizations in the policy
consultation process.® There are some illustrative examples of formal or institutional spaces
where the voices of youth are heard.'® Apart from youth bodies within several workers' and
employers’ organizations, some tripartite schemes for young people exist in countries like
Spain (Tripartite Commission on Youth Employment, created in 2006 as a consultative body
attached to the Ministry of Labour and Social Affairs), Paraguay (National Roundtable for
the Generation of Youth Employment, created in 2008) and Peru (Tripartite Social Dialogue
Roundtable on Youth Employment, created in 2011 and formally included in the National
Work Council structure) (Dasgupta, Chacaltana and Prieto, forthcoming).

Similarly, policy-makers must guarantee that the rights of young people are respected. This
includes updating labour legislation to provide basic rights and social protection, especially
in light of new forms of work and employment relations. Moreover, as occupations evolve
and technology makes possible to work elsewhere than in the workplace (e.g. at home or
in a coworking space), policy-makers should establish mechanisms to ensure that young
people enjoy a work-life balance and that their personal data and privacy are protected.
The rights of freedom of association and collective bargaining are of particular importance
to that end, especially in new forms of on-demand work. For example, young people
working in the gig economy could benefit from extended membership in trade unions.

8 ILO: Global Youth Employment Forum 2019, Activity report, Annex 2, Youth Statement.
% 1LO: The youth employment crisis: Time for action, Report V, International Labour Conference, 101st Session, Geneva, 2012.

10 1L0: Social Dialogue: Recurrent discussion under the ILO Declaration on Social Justice for a Fair Globalization, Report VI,
International Labour Conference, 102nd Session, Geneva, 2013.
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} Appendix A. Regional, country and income groupings

Africa

Northern Africa
Algeria

Egypt

Libya

Morocco

Sudan

Tunisia

Western Sahara

Sub-Saharan
Africa
Angola
Benin
Botswana
Burkina Faso
Burundi
Cabo Verde
Cameroon
Central African
Republic
Chad
Comoros
Congo
Congo, Democratic
Republic of the
Cote d'Ivoire
Djibouti
Equatorial Guinea
Eritrea
Eswatini
Ethiopia
Gabon
The Gambia
Ghana
Guinea
Guinea-Bissau
Kenya
Lesotho
Liberia
Madagascar
Malawi
Mali
Mauritania
Mauritius
Mozambique
Namibia
Niger
Nigeria
Rwanda
Sao Tome and
Principe
Senegal
Sierra Leone
Somalia
South Africa
South Sudan
Tanzania, United
Republic of
Togo
Uganda
Zambia
Zimbabwe

Latin America and

the Caribbean

Argentina

Bahamas

Barbados

Belize

Bolivia, Plurinational
State of

Brazil

Chile

Colombia

Costa Rica

Cuba

Dominican Republic

Ecuador

El Salvador

Guatemala

Guyana

Haiti

Honduras

Jamaica

Mexico

Nicaragua

Panama

Paraguay

Peru

Puerto Rico

Saint Lucia

Saint Vincent and
the Grenadines

Suriname

Trinidad and Tobago

United States

Virgin Islands

Uruguay

Venezuela,
Bolivarian
Republic of

Northern America
Canada
United States

Arab States

Bahrain

Iraq

Jordan

Kuwait

Lebanon

Occupied
Palestinian
Territory

Oman

Qatar

Saudi Arabia

Syrian

Arab Republic

United Arab
Emirates

Yemen

SERT L
the Pacific

Eastern Asia

China

Hong Kong, China

Japan

Korea, Democratic
People’s Republic of

Korea, Republic of

Macau, China

Mongolia

Taiwan, China

South-Eastern Asia

and the Pacific

Australia

Brunei Darussalam

Cambodia

Fiji

French Polynesia

Guam

Indonesia

Lao People’s
Democratic Republic

Malaysia

Myanmar

New Caledonia

New Zealand

Papua New Guinea

Philippines

Samoa

Singapore

Solomon Islands

Thailand

Timor-Leste

Tonga

Vanuatu

Viet Nam

Southern Asia

Afghanistan

Bangladesh

Bhutan

India

Iran, Islamic
Republic of

Maldives

Nepal

Pakistan

Sri Lanka

Europe and
Central Asia

Northern,

Southern and

Western Europe

Albania

Austria

Belgium

Bosnia and
Herzegovina

Channel Islands

Croatia

Denmark

Estonia

Finland

France

Germany

Greece

Iceland

Ireland

Italy

Latvia

Lithuania

Luxembourg

Malta

Montenegro

Netherlands

North Macedonia

Norway

Portugal

Serbia

Slovenia

Spain

Sweden

Switzerland

United Kingdom

Eastern Europe
Belarus
Bulgaria
Czechia
Hungary
Moldova,
Republic of
Poland
Romania
Russian Federation
Slovakia
Ukraine

Central and
Western Asia
Armenia
Azerbaijan
Cyprus
Georgia
Israel
Kazakhstan
Kyrgyzstan
Tajikistan
Turkey
Turkmenistan
Uzbekistan



High-income

countries

Upper-middle-income
countries
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Lower-middle-income
countries

Low-income
countries

Australia

Austria
Bahamas
Bahrain
Barbados
Belgium

Brunei Darussalam
Canada

Channel Islands
Chile

Croatia

Cyprus

Czechia
Denmark
Estonia

Finland

France

French Polynesia
Germany
Greece

Guam

Hong Kong, China
Hungary

Iceland

Ireland

Israel

Italy

Japan

Korea, Republic of
Kuwait

Latvia

Lithuania
Luxembourg
Macau, China
Malta
Netherlands
New Caledonia
New Zealand
Norway

Oman

Panama

Poland

Portugal

Puerto Rico
Qatar

Saudi Arabia
Singapore
Slovakia
Slovenia

Spain

Sweden
Switzerland
Taiwan, China
Trinidad and Tobago
United Arab Emirates
United Kingdom
United States
United States
Virgin Islands
Uruguay

Albania

Algeria

Argentina

Armenia

Azerbaijan

Belarus

Belize

Bosnia and Herzegovina

Botswana

Brazil

Bulgaria

China

Colombia

Costa Rica

Cuba

Dominican Republic

Ecuador

Equatorial Guinea

Fiji

Gabon

Georgia

Guatemala

Guyana

Iran, Islamic Republic of

Iraq

Jamaica

Jordan

Kazakhstan

Lebanon

Libya

Malaysia

Maldives

Mauritius

Mexico

Montenegro

Namibia

North Macedonia

Paraguay

Peru

Romania

Russian Federation

Saint Lucia

Saint Vincent and
the Grenadines

Samoa

Serbia

South Africa

Sri Lanka

Suriname

Thailand

Tonga

Turkey

Turkmenistan

Venezuela, Bolivarian
Republic of

Angola

Bangladesh

Bhutan

Bolivia, Plurinational
State of

Cabo Verde

Cambodia

Cameroon

Comoros

Congo

Cote d'Ivoire

Djibouti

Egypt

El Salvador

Eswatini

Ghana

Honduras

India

Indonesia

Kenya

Kyrgyzstan

Lao People’s
Democratic Republic

Lesotho

Mauritania

Moldova, Republic of

Mongolia

Morocco

Myanmar

Nicaragua

Nigeria

Occupied Palestinian
Territory

Pakistan

Papua New Guinea

Philippines

Sao Tome and Principe

Senegal

Solomon Islands

Sudan

Timor-Leste

Tunisia

Ukraine

Uzbekistan

Vanuatu

Viet Nam

Western Sahara

Zambia

Afghanistan

Benin

Burkina Faso

Burundi

Central African Republic

Chad

Congo, Democratic
Republic of the

Eritrea

Ethiopia

The Gambia

Guinea

Guinea-Bissau

Haiti

Korea, Democratic
People’s Republic of

Liberia

Madagascar

Malawi

Mali

Mozambique

Nepal

Niger

Rwanda

Sierra Leone

Somalia

South Sudan

Syrian Arab Republic

Tajikistan

Tanzania, United
Republic of

Togo

Uganda

Yemen

Zimbabwe
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Appendix B. ILO modelled estimates
and projections

The source of all global and regional labour market estimates presented in this Global
Employment Trends for Youth report is the ILO modelled estimates as of November 2019. The
ILO has designed and actively maintains a series of econometric models that are used
to generate estimates of labour market indicators in the countries and years for which coun-
try-reported data are unavailable. Labour market indicators are estimated for countries with
missing data to obtain a balanced panel data set so that, every year, regional and global ag-
gregates with consistent country coverage can be computed. These allow the ILO to analyse
global and regional estimates of key labour market indicators and related trends. Moreover,
the resulting country-level data, combining both reported and imputed observations, consti-
tute a unique, internationally comparable data set on labour market indicators.

Data collection and evaluation

The ILO modelled estimates are generally derived for 189 countries, disaggregated by sex
and age, as appropriate. Additionally, for selected indicators, an additional disaggregation
by geographical area (urban and rural) is performed. Before running the models to obtain
the estimates, labour market information specialists from the ILO Department of Statistics,
in cooperation with the Research Department, evaluate existing country-reported data
and select only those observations deemed sufficiently comparable across countries. The
recent efforts by the ILO to produce harmonized indicators from country-reported micro-
data have considerably increased the comparability of the observations. Nonetheless, itis
still necessary to select data on the basis of the following four criteria: (a) type of data
source; (b) geographical coverage; (c) age-group coverage; and (d) presence of meth-
odological breaks or outliers.

With regard to the first criterion, for labour market data to be included in a particular
model, they must be derived from a labour force survey, a household survey or, more
rarely, a population census. National labour force surveys are generally similar across
countries and present the highest data quality. Hence, the data derived from such surveys
are more readily comparable than data obtained from other sources. Therefore, strict
preference is given to labour force survey-based data in the selection process. However,
many developing countries, which lack the resources to conduct a labour force survey,
report labour market information on the basis of other types of household surveys or
population censuses. Consequently, because of the need to balance the competing goals
of data comparability and data coverage, some (non-labour force survey) household
survey data and, more rarely, population census-based data are included in the models.

The second criterion is that only nationally representative (i.e. not geographically limited)
labour market indicators are included. Observations corresponding to only urban or only
rural areas are not included because large differences typically exist between rural and
urban labour markets, and using only rural or urban data would not be consistent with
benchmark data, such as gross domestic product (GDP).

The third criterion is that the age groups covered by the observed data must be sufficiently
comparable across countries. Countries report labour market information for a variety
of age groups, and the age group selected can influence the observed value of a given
labour market indicator.

The last criterion for excluding data from a given model is whether a methodological break
is present or if a particular data point is clearly an outlier. In both cases, a balance has to be
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struck between using as much data as possible and including observations that are likely to
distort the results. During this process, particular attention is paid to the existing metadata
and the underlying methodology for obtaining the data point under consideration.

Historical estimates can be revised in cases where previously used input data are discarded
because a source that is more accurate according to the preceding criteria has become available.

Methodology used to estimate labour market indicators

Labour market indicators are estimated using a series of models, which establish statistical
relationships between observed labour market indicators and explanatory variables.
These relationships are used to impute missing observations and make projections for the
indicators.

There are many potential statistical relationships, also called “model specifications”, that can
be used to predict labour market indicators. The key to obtaining accurate and unbiased
estimates is to select the best model specification in each case. The ILO modelled estimates
generally rely on a procedure called cross-validation, which is used to identify models that
minimize the expected error and variance of the estimation. This procedure involves repeat-
edly computing a number of candidate model specifications using random subsets of the
data: the missing observations are predicted and the prediction error is calculated for each
iteration. Each candidate model is assessed on the basis of the pseudo-out-of-sample root-
mean-squared error, although other metrics such as result stability are also assessed
depending on the model. This makes it possible to identify the statistical relationship
that provides the best estimate of a given labour market indicator. It is worth noting
that the most appropriate statistical relationship for this purpose could differ depend-
ing on the country.

The benchmark for the ILO modelled estimates is the 2019 Revision of the United Nations
World Population Prospects, which provides estimates and projections of the total popu-
lation broken down into five-year age groups. The working-age population comprises
everyone who is at least 15 years of age. First, a model is used to estimate and project the
labour force participation rates disaggregated by sex and five-year age groups. These
estimated and projected rates are applied to the estimates for the working-age population
to obtain the labour force. Second, another model is used to estimate the unemployment
rate disaggregated by sex and for young people (15-24) and adults (25+). Combining the
unemployment rate with the labour force estimates, the numbers of employed and
unemployed are obtained. Third, yet another model is used to estimate the labour un-
derutilization rates (LU2, LU3 and LU4 rates: see further down), from which the time-
related underemployment and the potential labour force can be derived. Fourth, the
distribution of employment as a function of four different indicators is estimated using
four different models. These indicators include employment status, economic activity
(sector), ccupation and economic class (working poverty). Fifth, a model is used to estimate
the share of the youth population not in employment, education or training.

Although the same basic approach is followed in the models used to estimate all the indi-
cators, there are differences between the various models because of specific features of
the underlying data. Further details are provided here for each model.

Labour force estimates and projections

The ILO labour force estimates and projections (LFEP) are part of a broader international
campaign to obtain demographic estimates and projections to which several United
Nations agencies contribute. Estimates and projections are produced by the United Nations
Population Division for the total population, and for its sex and age composition; by the ILO
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for the employed, unemployed and related populations; by the Food and Agriculture Organ-
ization of the United Nations (FAO) for the agricultural population; and by the United
Nations Educational, Scientific and Cultural Organization (UNESCO) for the school-
attending population.

The basic data used as input for the relevant model are single-year labour force participa-
tion rates disaggregated by sex and age groups, of which ten groups are defined using
five-year age intervals (15-19, 20-24, and so on until 60-64) and the last age group is
defined as 65 years and above. The underlying methodology has been extensively as-
sessed in terms of pseudo-out-of-sample performance. However, the LFEP model and the
model used to estimate the labour income share are the only two models described in this
appendix that do not automatically perform model specification searching.

The estimation is performed in two different steps, each of which is applied recursively.
Linear interpolation is used to fill in the missing data for countries for which such a pro-
cedure is possible. The performance of this procedure has been found to be reasonable,
which is not surprising, given that the labour force participation rate is a very persistent
variable. In all other cases, weighted multivariate estimation is carried out. Countries are
divided into nine estimation groups chosen on the combined basis of broad economic
similarity and geographical proximity. In terms of model specification, after accounting for
data structure and heterogeneity among various countries in the input data used, it was
decided to use panel data techniques with country-fixed effects. The regressions are
weighted by the non-response likelihood. The explanatory variables used include eco-
nomic and demographic variables. The estimates are produced using the detailed five-
year age intervals. The global figures are calculated using the benchmark population
from the United Nations World Population Prospects and the detailed rates.

The projections are carried out following a different methodology than that used for the
imputation of missing values over the historical period. A logistic trend model is used for
data extrapolation. The main advantage of the logistic curve and other sigmoid or
S-shaped curves is that they can capture growth processes that ultimately reach a
steady state. These curves are frequently used to model populations and labour force
participation rates. Furthermore, on the basis of past behaviour of observed labour
force participation rates, upper and lower bounds on cumulative change are imposed
to avoid extrapolating changes that would be excessive judging by historical experience.

Unemployment estimates

This model estimates a complete panel data set of unemployment rates disaggregated
by sex and age (15-24, 25+). Real observations are more likely to exist for the total un-
employment rate than for the rate disaggregated by sex and age. To maximize the use of
real information, the model first estimates the total rate. Next, the rates for male and
female employment, and for youth and adult employment, are estimated separately.
These estimates are then rebalanced so that the implied total rate matches the total
rate estimated in the first step. A similar procedure is used in the final step for
the unemployment rates among male and female young people, as well as male and
female adults.

The estimation of each indicator is performed in a two-step process. In the first step, a cross-
country regression is carried out to identify the level of the unemployment rate in 2018
in countries with completely missing data. This step uses information on demo-
graphy, per capita income, economic structure and an employment index from the Gallup
World Poll. In the second step, the evolution of the unemployment rate is estimated, using
information on the economic cycle as well as on economic structure and demographics.
The two-step process has the advantage of treating two very different econometric
problems using separate approaches.
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Unemployment projections

These models project the future development of unemployment rates from 2019 onwards.
In a first set of projection models, quarterly data are used. The use of such higher-
frequency information increases the forecast accuracy. For 44 countries with available
quarterly economic forecasts, a series of models are run to obtain estimates for 2019
and projections for 2020. These models are evaluated using the model search routines
described earlier, specifically by splitting the data into training and evaluation samples.
Because of the high serial correlation of quarterly unemployment rates, a block of obser-
vations around the evaluation sample needs to be excluded from the estimation to ensure
the training sample’s independence from the observation being evaluated. Models are
combined using a “jackknife model-averaging” technique described in Hansen and Racine
(2012), which essentially finds the linear combination of models that minimizes the
variance of the prediction error. For countries for which quarterly labour market infor-
mation is available but not quarterly macroeconomic forecasts, an Auto Regressive
Integrated Moving Average (ARIMA) model is used to project the remaining quarters
of the year, of which at least one quarter has been observed.

A second set of projection models is used to estimate the unemployment rate for coun-
tries without quarterly data and to project over longer horizons for all countries. These
models use the full panel data set of unemployment rates up to the last year with
reported information as the base; they also use projections of the cyclical component
of GDP growth. A series of dynamic models are specified and evaluated using a
slightly modified cross-validation procedure to identify the best-fitting projection models.
For forecasting, a specified number of periods are dropped from the end of the sample,
the parameters of the candidate model are re-estimated, and projections are then
made for these periods to calculate the forecast error for different forecast horizons.
By shifting the point at which periods are dropped, the forecast can be evaluated for
different historical periods, and hence a root-mean-squared forecast error can be calcu-
lated for each candidate model and each projection horizon. The models in question
are as follows:

P Country-level error correction models for countries that exhibit a cointegrated
relationship between employment growth and labour force growth;

A country-level model projecting the unemployment rate itself;
A country-level model projecting the change in the unemployment rate;

A panel regression model projecting the unemployment rate, where the panel
dimensions are (a) geographical regions; (b) income groups; (c) oil exporters;

P Amulti-level mixed model with random intercepts and coefficients projecting the
unemployment rate;

P Amulti-level mixed model with random intercepts and coefficients projecting the
change in the unemployment rate.

Models are weighted on the basis of their forecasting performance over different horizons,
implying that a model may receive a higher weighting in the short run, but a lower weighting
in the long run. The forecast confidence interval is estimated using the weighted root-mean-
squared forecast errors from the cross-validation, together with the weighted variance of
forecasts obtained from the various forecasting models.
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Estimates of labour underutilization (LU3 rates)

The target variables of the model are the measures of labour underutilization defined in the
resolution concerning statistics of work, employment and labour underutilization adopted
by the 19th International Conference of Labour Statisticians (ICLS) in October 2013. These
measures include the combined rate of unemployment and the potential labour force (LU3).
The measures are defined as:

Unemployed + Potential labour force
LU3 =

Labour force + Potential labour force

The potential labour force consists of people of working age who were actively seeking
employment, were not available to start work in the reference week, but would become
available within a short subsequent period (unavailable jobseekers), or who were not actively
seeking employment but wanted to work and were available in the reference week (available
potential jobseekers).

The model uses the principles of cross-validation and uncertainty estimation to select
the regression models with the best pseudo-out-of-sample performance, not unlike the
unemployment rate model. The labour underutilization model, however, has two very
specific features. First, all demographic groups are jointly estimated using the appropriate
categorical variable as a control in the regression because the groups are interdependent
(and data availability is roughly uniform across breakdown). Second, the model incorporates
the information on unemployment and labour force into the regressions (used alongside
other variables to reflect economic and demographic factors).

Estimates of the distribution of employment by status,
occupation and economic activity

The distribution of employment by status, occupation and economic activity (sector) is
estimated for the total and also disaggregated by sex. In the first step, a cross-country
regression is performed to identify the share of each of the employment-related categories
in countries with completely missing data. This step uses information on demography,
per capita income, economic structure and a model-specific indicator with high predictive
power for the estimated distribution. The indicators for each category are as follows:

P For status, an index of work for an employer from the Gallup World Poll;

P For occupation, the share of value added of a sector in which people with a given
occupation are most likely to work;

P> For sector, the share of value added of the sector.
The next step estimates the evolution of the shares of each category, using information on

the economic cycle as well as economic structure and demographics. Lastly, the estimates
are rebalanced to ensure that the individual shares add up to 100 per cent.
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The estimated sectors are based on an ILO-specific classification that ensures maximum
consistency between the third and fourth revision of the United Nations International
Standard Industrial Classification of All Economic Activities (ISIC). The sectors A, B, C, F, G,
I, K, O, P and Q correspond to the ISIC Rev.4 classification. Furthermore, the following
composite sectors are defined:

P “Utilities” is composed of sectors D and E;
P “Transport, storage and communication” is composed of sectors H and J;

P> “Real estate, business and administrative activities” is composed of sectors
L, Mand N;

P> “Other services” is composed of sectors R, S, T and U.

In principle, the estimated occupations correspond to the major categories of the 1988
and 2008 iterations of the ILO International Standard Classification of Occupations (ISCO-88
and ISCO-08). However, subsistence farming occupations were classified inconsistently
across countries, and sometimes even within one country across years. According
to ISCO-08, subsistence farmers should be classified in ISCO category 6, namely, as
skilled agricultural workers. However, a number of countries with a high incidence of
subsistence farming reported a low share of workers in category 6, but a high share
for category 9 (elementary occupations). This implies that the shares of occupational
categories 6 and 9 can differ widely between countries that have a very similar economic
structure. It is not feasible to determine the extent of misclassification between categories
6 and 9. Consequently, to obtain a consistent and internationally comparable classifi-
cation, categories 6 and 9 are merged and estimated jointly.

Estimates of employment by economic class

The estimates of employment by economic class are produced for a subset of countries.
The model uses the data derived from the unemployment, status and economic activity
models as inputs in addition to other demographic, social and economic variables.

The methodology involves two steps. In the first step, the various economic classes of
workers are estimated using the economic class of the overall population (among other
explanatory variables). This procedure is based on the fact that the distribution of eco-
nomic class in the overall population and in the working population are closely related.
The economic class of the overall population is derived from the World Bank's PovcalNet
database. In general, the economic class is defined in terms of consumption, but in par-
ticular cases for which no other data exist, income data are used instead.

Once the estimates from this first step have been obtained, a second step estimates the data
for observations for which neither data on the economic class of the working population
nor estimates from step 1 are available. This second step relies on cross-validation and
subsequent selection of the best-performing model to ensure a satisfactory performance.

In the present edition of the model, employment is subdivided into five different economic
classes: workers living on US$0-1.9 per day, US$1.9-3.2 per day, US$3.2-5.5 per day,
US$5.5-13.0 per day and above US$13.0 per day, in purchasing power parity terms.
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Estimates related to youth not in employment, education or training

The target variable of the model is the share of youth not in employment, education or
training (NEET):

Youth not in employment, education or training
NEET share =

Youth population

It is worth noting that, by definition, 1 minus the NEET share gives the share of
young people who are either in employment or enrolled in some educational or train-
ing programme. The NEET share is included as one of the indicators used to measure
progress towards the achievement of the Sustainable Development Goals, specifically
Goal 8 (“Promote sustained, inclusive and sustainable economic growth, full and pro-
ductive employment and decent work for all”).

The model uses the principles of cross-validation and uncertainty estimation to select
the regression models with the best pseudo-out-of-sample performance, not unlike the
unemployment rate model. The NEET model estimates all demographic groups jointly
using the appropriate categorical variable as a control in the regression because the
groups are interdependent (and data availability is roughly uniform across breakdown).
The model incorporates the information on unemployment, labour force and enrol-
ment rates into the regressions (used alongside other variables to reflect economic and
demographic factors). The resulting estimates include the NEET share and the number
of NEET youth.
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P Appendix C. Additional tables

World

Demographic

Indications

group (Youth)
Labour force participation rate Total per cent 52.3 46.2 45.5
Labour force participation rate Male per cent 61.3 54.7 54.0
Labour force participation rate Female per cent 42.9 37.2 36.5
Labour force Total millions 567.7 561.5 552.2
Labour force Male millions 340.0 341.7 337.0
Labour force Female millions 227.7 219.8 215.2
Employment-to-population ratio Total per cent 45.8 40.1 39.4
Employment-to-population ratio Male per cent 53.4 474 46.7
Employment-to-population ratio Female per cent 37.8 32.4 31.8
Employment Total millions 496.6 487.0 478.9
Employment Male millions 296.1 295.7 291.3
Employment Female millions 200.5 191.3 187.5
Unemployment rate Total per cent 12.5 13.3 13.3
Unemployment rate Male per cent 12.9 13.5 13.5
Unemployment rate Female per cent 12.0 13.0 12.9
Unemployment Total millions 711 74.5 73.3
Unemployment Male millions 43.9 46.0 45.7
Unemployment Female millions 27.3 28.5 27.7
Combined rate of unemployment and potential labour force Total per cent 19.2 19.3
Combined rate of unemployment and potential labour force Male per cent 18.3 18.5
Combined rate of unemployment and potential labour force Female per cent 20.5 20.5
Potential labour force Total millions 411 41.2
Potential labour force Male millions 20.1 20.5
Potential labour force Female millions 21.0 20.7
Rate of NEET Total per cent 219 21.7
Rate of NEET Male per cent 12.6 12.6
Rate of NEET Female per cent 31.6 31.4
NEET Total millions 265.8 263.9
NEET Male millions 78.9 78.4
NEET Female millions 186.9 185.6
Extreme working poverty rate Total per cent 32.0 19.8 17.7
Moderate working poverty rate Total per cent 24.3 21.0 20.6
Extreme working poverty Total millions 159.1 96.4 84.9
Moderate working poverty Total millions 120.9 1021 98.6
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44.7 43.9 41.8 4.4 41.2 41.0 40.7
53.2 52.3 51.5 50.8 50.3 49.8 49.3 49.1 48.8 48.5
357 34.9 34.3 34.0 33.6 333 33.0 32.8 32.6 324
541.2 529.1 518.4 511.1 505.6 501.5 497.6 496.5 495.6 4951
331.3 324.7 318.6 313.9 310.7 308.2 305.9 305.3 304.8 304.6
209.9 204.4 199.8 197.2 194.9 193.4 191.7 191.2 190.8 190.5
38.7 379 37.4 36.8 36.4 36.1 35.8 35.6 35.4 35.1
45.9 45.0 44.4 437 43.2 42.8 42.5 42.2 419 4.7
31.1 30.4 29.9 29.5 29.1 28.9 28.7 28.5 28.3 281
468.5 457.3 449.2 441.5 435.7 432.6 430.3 428.9 4277 426.9
285.7 279.5 274.9 270.2 266.9 265.1 263.6 262.7 262.0 261.6
182.8 177.8 174.2 171.3 168.8 167.6 166.7 166.2 165.7 165.3
13.4 13.6 13.4 13.6 13.8 13.7 13.5 13.6 13.7 13.8
13.8 13.9 13.7 13.9 141 14.0 13.8 14.0 14.0 141
12.9 13.0 12.8 131 13.4 13.3 13.0 13.1 13.1 13.2
72.7 71.8 69.3 69.6 69.9 68.9 67.2 67.6 67.9 68.2
45.6 45.2 437 43.7 43.8 43.1 42.2 42.6 42.8 43.0
27.1 26.6 25.6 259 26.2 25.8 25.0 25.0 251 25.2
19.6 19.7 19.6 19.8 20.3 20.2 20.1 20.2 20.4 20.5
18.8 19.0 18.9 19.1 19.5 19.5 19.4 19.6 19.7 19.8
20.7 20.8 20.7 20.9 21.4 21.3 21.2 21.2 214 21.5
41.2 40.4 40.2 39.7 40.7 40.6 41.1 41.3 41.5 41.8
20.6 20.3 20.4 20.2 20.8 21.0 214 214 21.5 217
20.6 20.1 19.9 19.5 19.9 19.6 19.8 19.8 20.0 20.1
21.6 21.8 21.7 21.7 21.6 21.7 219 22.2 22.3 22,5
12.5 12.8 12.8 12.9 13.0 13.2 13.5 13.8 14.0 14.2
31.3 31.4 31.2 31.0 30.8 30.8 30.8 311 31.2 31.3
261.8 263.3 260.7 260.0 259.0 260.3 263.2 267.0 269.7 273.0
77.7 79.6 79.2 80.0 80.5 81.8 84.0 86.1 87.5 89.1
184.1 183.7 181.5 180.0 178.5 178.5 179.2 180.9 182.3 183.9
16.3 14.3 14.0 13.7 13.7 13.4 13.1 12.8 12.6 12.4
20.1 19.4 18.8 18.1 17.7 17.3 16.8 16.6 16.3 16.0
76.4 65.3 62.7 60.6 59.5 57.9 56.2 55.0 53.8 52.9
94.2 88.6 84.2 79.8 77.0 74.7 72.5 71.1 69.7 68.5
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Northern Africa

Demographic

Indications group (Youth) 2010

Labour force participation rate Total per cent 339 32.2 31.6
Labour force participation rate Male per cent 48.5 46.8 46.1
Labour force participation rate Female per cent 18.9 171 16.6
Labour force Total millions 12.1 13.0 12.7
Labour force Male millions 8.8 9.6 9.4
Labour force Female millions 2.3 34 5.3
Employment-to-population ratio Total per cent 23.6 24.4 22.8
Employment-to-population ratio Male per cent 34.8 38.3 35.5
Employment-to-population ratio Female per cent 121 10.1 9.7
Employment Total millions 8.4 9.8 9.2
Employment Male millions 6.3 7.8 7.2
Employment Female millions 2.1 2.0 18
Unemployment rate Total per cent 30.5 24.2 27.8
Unemployment rate Male per cent 28.4 18.3 23.0
Unemployment rate Female per cent 36.1 40.9 1.5
Unemployment Total millions 3.7 3.1 3.5
Unemployment Male millions 2.5 1.7 2.2
Unemployment Female millions 1.2 1.4 1.4
Combined rate of unemployment and potential labour force Total per cent 376 41.5
Combined rate of unemployment and potential labour force Male per cent 27.4 33.0
Combined rate of unemployment and potential labour force Female per cent 59.7 60.3
Potential labour force Total millions 2.8 3.0
Potential labour force Male millions 1.2 1.4
Potential labour force Female millions 1.6 1.6
Rate of NEET Total per cent 29.1 29.4
Rate of NEET Male per cent 15.2 17.2
Rate of NEET Female per cent 434 42.0
NEET Total millions 1.7 11.8
NEET Male millions 3.1 3.5
NEET Female millions 8.6 8.3
Extreme working poverty rate Total per cent 5.4 24 2.1

Moderate working poverty rate Total per cent 19.9 585 13.5
Extreme working poverty Total millions 0.5 0.2 0.2
Moderate working poverty Total millions 17 1.5 1.2




Appendix C. Additional tables

I
31.6 31.9 30.9 29.8 29.3 27.8 27.6 27.5 27.3 271
46.0 459 441 41.8 409 38.8 38.4 38.2 38.0 37.7
16.8 17.4 17.2 17.4 17.2 16.4 16.4 16.3 16.1 16.0
12.7 12.8 12.4 11.9 1.7 11.1 111 111 111 11.1
9.4 9.3 9.0 8.5 8.3 79 79 7.9 7.9 79
3.3 3.4 3.4 3.4 3.4 3.2 3.2 3.2 3.2 3.2
21.9 22.2 21.7 20.4 20.2 19.2 19.0 19.2 19.2 19.1
33.8 33.8 32.7 29.9 29.6 28.0 27.8 28.1 28.2 28.2
9.5 10.1 10.3 10.6 10.4 9.9 9.9 9.8 9.7 9.5
8.8 8.9 8.7 8.2 8.1 7.7 7.6 77 7.8 7.8
6.9 6.9 6.7 6.1 6.0 5.7 5.7 5.8 5.9 5.9
1.9 2.0 2.0 21 2.0 1.9 2.0 1.9 1.9 1.9
30.9 30.4 29.8 31.5 31.0 31.2 3141 30.2 29.8 29.6
26.4 26.2 25.9 28.4 27.5 27.7 27.6 26.4 25.7 25.3
43.6 41.9 40.1 39.1 39.6 39.6 39.5 39.6 39.8 40.3
3.9 3.9 3.7 3.8 3.6 3.5 3.4 3.3 3.3 2.3
2.5 2.4 2.3 2.4 2.3 2.2 2.2 2.1 2.0 2.0
1.5 1.4 1.4 1.3 1.3 1.3 1.3 1.3 1.3 1.3
447 439 43.3 451 44.6 451 45.0 44.2 43.8 43.7
36.6 36.5 36.5 39.6 38.6 39.2 39.1 37.7 37.0 36.6
62.3 60.0 58.0 56.5 571 57.3 57.1 57.4 57.7 58.3
3.2 3.1 29 3.0 29 2.8 2.8 2.8 2.8 2.8
1.5 1.5 1.5 1.6 1.5 1.5 1.5 1.4 1.4 1.4
1.7 1.6 1.4 1.4 1.4 1.3 1.3 1.3 1.4 1.4
28.6 26.7 26.7 26.5 26.3 26.3 26.9 26.9 26.9 27.0
17.0 15.7 16.3 17.2 17.2 17.4 18.2 18.1 18.0 18.0
40.5 38.0 37.4 36.0 35.8 35.6 36.0 36.1 36.3 36.5
11.5 10.7 10.7 10.6 10.5 10.5 10.8 10.9 10.9 111
3.5 3.2 3.3 3.5 3.5 3.5 3.7 3.7 3.7 3.8
8.0 7.5 73 7.1 7.0 7.0 7.1 7.1 7.2 7.3
1.9 1.7 1.7 1.6 1.5 1.5 1.5 1.4 1.4 1.3
11.2 10.5 10.4 9.3 9.0 8.4 8.2 8.2 8.1 7.8
0.2 0.2 0.1 0.1 0.1 0.1 0.1 0.1 0.1 0.1
1.0 0.9 0.9 0.8 0.7 0.6 0.6 0.6 0.6 0.6
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Global Employment Trends for Youth 2020

Sub-Saharan Africa

Demographic

Indications group (Youth) 2010

Labour force participation rate Total per cent 53.0 50.7 50.5
Labour force participation rate Male per cent 55.3 53.0 52.8
Labour force participation rate Female per cent 50.8 48.4 48.2
Labour force Total millions 67.8 83.9 85.7
Labour force Male millions 354 44.0 449
Labour force Female millions 324 40.0 40.8
Employment-to-population ratio Total per cent 47.7 45.9 459
Employment-to-population ratio Male per cent 49.6 48.2 48.2
Employment-to-population ratio Female per cent 45.8 43.7 43.7
Employment Total millions 61.0 76.1 78.0
Employment Male millions 317 40.0 41.0
Employment Female millions 29.3 36.1 37.0
Unemployment rate Total per cent 10.1 9.3 9.0
Unemployment rate Male per cent 10.3 9.0 8.7
Unemployment rate Female per cent 9.7 9.7 9.3
Unemployment Total millions 6.8 7.8 7.7

Unemployment Male millions 3.7 4.0 3.9
Unemployment Female millions 3.2 3.9 3.8
Combined rate of unemployment and potential labour force Total per cent 16.8 16.4
Combined rate of unemployment and potential labour force Male per cent 14.8 14.6
Combined rate of unemployment and potential labour force Female per cent 18.9 18.4
Potential labour force Total millions 7.5 7.6

Potential labour force Male millions 3.0 3.1

Potential labour force Female millions 4.5 4.5
Rate of NEET Total per cent 18.5 18.3
Rate of NEET Male per cent 14.0 13.7
Rate of NEET Female per cent 231 23.0
NEET Total millions 30.7 311
NEET Male millions 11.6 11.6
NEET Female millions 19.1 19.5
Extreme working poverty rate Total per cent 59.8 49.3 48.0
Moderate working poverty rate Total per cent 20.8 26.0 26.5
Extreme working poverty Total millions 36.5 375 374
Moderate working poverty Total millions 12.7 19.8 20.6




Appendix C. Additional tables

I
49.5 48.7 48.7 48.9 49.1 48.8 48.3 48.2 48.1 48.0
51.9 51.1 51.1 51.3 51.6 51.1 50.6 50.5 50.4 50.2
471 46.3 46.2 46.5 46.7 46.5 46.1 46.0 45.9 45.7
86.2 87.1 89.4 924 95.3 97.4 99.2 101.9 104.7 107.4
45.3 45.8 471 48.7 50.3 51.3 52.2 53.6 55.1 56.6
409 41.2 42.3 43.7 451 46.1 471 48.3 49.6 50.8
451 44.5 44.6 44.8 44.8 44.5 44.2 441 44.0 43.8
47.5 46.9 471 47.3 47.3 46.9 46.5 46.3 46.2 46.1
42.8 421 421 42.3 42.2 42.0 41.8 41.8 41.7 41.6
78.6 79.5 82.0 84.6 86.9 88.7 90.7 93.1 95.6 98.1
41.5 42.0 43.4 44.8 46.1 47.0 48.0 49.2 50.6 51.9
371 37.5 38.5 39.7 40.7 41.7 42.7 43.8 45.0 46.2
8.8 8.6 8.3 8.4 8.9 8.9 8.7 8.7 8.7 8.7
8.5 8.3 7.8 79 8.2 8.2 8.1 8.2 8.3 8.3
9.2 9.1 8.8 9.0 9.6 9.6 9.3 9.2 9.2 9.1
7.6 7.5 7.4 7.8 8.5 8.7 8.6 89 9.1 9.3
3.9 3.8 3.7 3.9 4.1 4.2 4.2 4.4 4.5 4.7
3.7 3.7 3.7 3.9 4.3 4.4 4.4 4.5 4.5 4.6
16.3 16.1 15.7 15.7 16.2 16.2 16.1 16.1 16.1 16.1
14.4 14.2 13.7 13.7 14.1 14.2 14.2 14.3 14.4 14.4
18.3 18.2 17.8 17.9 18.4 18.3 18.2 18.1 18.0 17.9
7.7 7.8 79 79 8.3 8.5 8.8 9.1 9.3 9.5
31 3.2 3.2 3.3 34 3.6 3.7 3.9 4.0 4.
4.6 4.6 4.6 4.7 4.8 49 5.1 5.2 5.3 5.5
18.4 18.6 18.7 18.6 18.7 18.6 18.8 19.0 19.0 19.1
13.8 14.0 14.0 13.9 14.0 14.0 14.3 14.5 14.6 14.7
23.0 23.2 23.4 23.3 23.3 23.2 23.3 23.5 23.5 23.6
32.0 33.2 34.3 35.1 36.2 371 38.6 40.1 41.4 42.7
12.0 12.5 12.9 13.2 13.7 141 14.7 15.4 16.0 16.5
19.9 20.6 21.4 21.9 22.5 23.0 23.8 24.6 25.4 26.2
46.5 45.8 451 44.5 441 43.3 42.3 41.5 40.6 39.7
26.9 27.0 27.0 27.0 26.9 27.0 271 27.2 27.2 27.2
36.6 36.4 37.0 37.6 38.3 38.4 38.4 38.6 38.8 38.9
211 21.5 22.2 22.8 234 239 24.5 25.3 26.0 26.7
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Global Employment Trends for Youth 2020

Northern America

Demographic

group (Youth) 2010
Labour force participation rate Total per cent 62.8 52.2 51.9
Labour force participation rate Male per cent 65.2 53.5 53.2
Labour force participation rate Female per cent 60.3 51.0 50.6
Labour force Total millions 271 25.4 25.4
Labour force Male millions 14.4 13.3 13.3
Labour force Female millions 12.7 121 12.1
Employment-to-population ratio Total per cent 56.8 429 43.2
Employment-to-population ratio Male per cent 58.7 42.6 43.4
Employment-to-population ratio Female per cent 54.8 43.2 429
Employment Total millions 24.5 20.8 211
Employment Male millions 13.0 10.6 10.9
Employment Female millions 11.5 10.2 10.2
Unemployment rate Total per cent 9.6 179 16.8
Unemployment rate Male per cent 10.0 20.2 18.3
Unemployment rate Female per cent 9.1 15.3 15.2
Unemployment Total millions 2.6 4.5 4.3
Unemployment Male millions 1.4 2.7 2.4
Unemployment Female millions 1.2 1.8 1.8
Combined rate of unemployment and potential labour force Total per cent 20.8 19.6
Combined rate of unemployment and potential labour force Male per cent 23.2 21.2
Combined rate of unemployment and potential labour force Female per cent 18.1 17.9
Potential labour force Total millions 0.9 0.9
Potential labour force Male millions 0.5 0.5
Potential labour force Female millions 0.4 0.4
Rate of NEET Total per cent 19.3 18.4
Rate of NEET Male per cent 19.1 17.6
Rate of NEET Female per cent 19.6 19.2
NEET Total millions 9.4 9.0
NEET Male millions 4.8 4.4
NEET Female millions 4.6 4.6




Appendix C. Additional tables

I
52.8 52.3 52.3 52.5 52.9 53.3 52.9 52.6 52.2 51.8
54.3 53.5 53.5 53.5 53.9 54.2 53.4 53.0 52.6 52.2
51.2 50.9 51.2 51.5 51.7 52.4 52.4 52.1 51.8 51.4
259 25.8 25.8 25.8 25.9 26.0 25.6 25.3 25.0 24.8
13.7 13.5 13.5 13.5 13.5 13.5 13.2 13.0 12.8 12.7
12.3 12.3 12.3 12.4 12.4 12.5 12.4 12.3 121 121
44.2 44.3 45.4 46.4 47.2 48.3 48.3 479 47.4 46.9
447 44.6 45.7 46.6 47.6 48.5 48.2 47.8 47.3 46.8
43.8 44.0 45.0 46.1 46.8 48.1 48.3 48.1 47.6 471
21.8 21.8 22.4 22.8 23.2 23.5 23.4 231 22.7 22.4
11.2 11.2 11.5 1.7 11.9 12.1 11.9 11.7 11.5 11.4
10.5 10.6 10.8 111 11.2 11.5 11.5 11.4 11.2 11.0
16.2 15.2 13.3 1.7 10.6 9.4 8.8 8.8 9.1 9.4
17.7 16.7 14.5 12.9 11.7 10.5 9.7 9.9 10.1 10.4
14.5 13.6 12.0 10.4 9.5 8.2 7.8 7.6 8.1 8.4
4.2 3.9 3.4 3.0 2.8 2.4 2.3 2.2 2.3 2.3
2.4 2.3 1.9 1.7 1.6 1.4 1.3 1.3 1.3 1.3
1.8 1.7 1.5 1.3 1.2 1.0 1.0 0.9 1.0 1.0
19.1 18.1 16.1 141 13.0 11.6 10.9 10.9 11.3 1.7
20.3 19.6 17.3 15.3 14.2 12.8 12.0 121 12.4 12.8
17.8 16.4 14.7 12.8 1.7 10.2 9.8 9.6 10.1 10.6
0.9 0.9 0.8 0.7 0.7 0.6 0.6 0.6 0.6 0.6
0.5 0.5 0.5 0.4 0.4 0.4 0.3 0.3 0.3 0.4
0.5 0.4 0.4 0.3 0.3 0.3 0.3 0.3 0.3 0.3
18.3 17.8 16.5 15.3 14.9 13.7 13.6 13.7 14.0 14.2
17.5 17.0 15.6 14.7 14.3 13.0 13.0 13.4 13.6 13.9
19.1 18.6 17.5 16.0 15.5 14.4 141 14.1 14.4 14.6
9.0 8.8 8.1 7.5 7.3 6.7 6.6 6.6 6.7 6.8
4.4 4.3 3.9 3.7 3.6 3.2 3.2 3.3 3.3 3.4
4.6 4.5 4.2 3.8 3.7 34 34 2.3 3.4 3.4
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Global Employment Trends for Youth 2020

Latin America and the Caribbean

Demographic

group (Youth) 2010
Labour force participation rate Total per cent 53.7 51.5 50.8
Labour force participation rate Male per cent 65.8 61.9 61.0
Labour force participation rate Female per cent 41.5 41.0 40.3
Labour force Total millions 53.7 55.4 54.8
Labour force Male millions 33.0 33.6 333
Labour force Female millions 20.7 21.8 21.5
Employment-to-population ratio Total per cent 447 44.2 43.8
Employment-to-population ratio Male per cent 56.6 54.6 54.0
Employment-to-population ratio Female per cent 32.8 33.6 333
Employment Total millions 447 47.5 47.3
Employment Male millions 28.3 29.6 29.5
Employment Female millions 16.4 17.8 17.8
Unemployment rate Total per cent 16.7 14.3 13.7
Unemployment rate Male per cent 141 11.8 1.4
Unemployment rate Female per cent 21.0 18.1 17.2
Unemployment Total millions 9.0 7.9 7.5
Unemployment Male millions 4.7 4.0 3.8
Unemployment Female millions 4.3 3.9 3.7
Combined rate of unemployment and potential labour force Total per cent 22.3 21.8
Combined rate of unemployment and potential labour force Male per cent 17.9 17.5
Combined rate of unemployment and potential labour force Female per cent 28.8 279
Potential labour force Total millions 5.8 5.7
Potential labour force Male millions 2.5 2.5
Potential labour force Female millions 3.3 3.2
Rate of NEET Total per cent 20.1 20.4
Rate of NEET Male per cent 12.3 12.5
Rate of NEET Female per cent 28.2 28.5
NEET Total millions 21.6 22.0
NEET Male millions 6.7 6.8
NEET Female millions 15.0 15.2
Extreme working poverty rate Total per cent 4.0 3.6
Moderate working poverty rate Total per cent 7.9 7.3
Extreme working poverty Total millions 1.9 1.7
Moderate working poverty Total millions 37 3.4




Appendix C. Additional tables

I
50.9 49.9 49.3 48.9 48.8 49.0 49.0 489 48.7 48.5
61.1 59.9 59.3 58.9 58.2 58.3 58.1 57.9 57.7 57.5
40.5 39.8 39.0 38.7 39.2 39.5 39.6 39.6 39.5 39.3
55.2 54.3 53.7 53.4 53.2 53.3 53.1 52.7 52.3 51.9
33.5 32.9 32.7 32.5 321 321 31.9 31.6 31.3 311
21.7 21.3 21.0 20.8 211 21.2 21.2 211 20.9 20.8
44.0 431 42.7 41.7 40.3 40.1 40.2 40.1 39.9 39.7
54.2 53.0 52.6 51.6 49.6 49.4 49.2 491 48.9 48.7
33.6 33.0 32.5 31.5 30.7 30.7 31.0 30.8 30.8 30.6
47.7 46.9 46.5 45.4 439 43.6 43.5 43.2 42.9 42.5
29.7 29.2 29.0 28.5 27.4 27.2 27.0 26.8 26.6 26.3
18.0 17.7 17.5 16.9 16.5 16.5 16.6 16.4 16.3 16.1
13.6 13.6 13.5 14.8 17.6 18.1 17.9 17.9 18.0 18.1
11.3 11.5 11.4 12.4 14.9 15.3 15.3 15.2 15.2 15.4
171 16.9 16.8 18.7 21.6 22.3 21.9 22.0 221 22.2
7.5 7.4 73 79 9.3 9.6 9.5 9.4 9.4 9.4
3.8 3.8 3.7 4.0 4.8 4.9 4.9 4.8 4.8 4.8
37 3.6 3.5 3.9 4.6 4.7 4.6 4.6 4.6 4.6
21.7 21.5 21.2 22.6 25.7 26.6 26.8 26.7 26.8 26.9
17.4 17.5 17.4 18.3 21.3 221 22.4 22.3 22.3 22.5
27.8 27.2 26.9 28.8 31.9 32.8 32.9 33.0 331 33.2
5.7 5.4 5.2 5.3 5.8 6.2 6.4 6.3 6.3 6.2
2.5 2.4 2.3 2.4 2.6 2.8 29 29 29 2.8
3.2 3.0 29 3.0 3.2 3.3 3.5 3.4 3.4 3.4
20.3 20.5 20.6 21.0 21.5 21.7 21.6 21.6 21.7 21.8
12.5 12.8 12.9 13.3 14.1 14.4 14.4 14.5 14.6 14.7
28.3 28.4 28.5 29.0 291 29.3 28.9 28.9 28.9 29.0
22.0 22.3 22.4 22.9 23.4 23.6 23.4 23.3 23.2 23.3
6.8 7.1 VAl 73 7.8 79 79 7.9 7.9 8.0
15.1 15.2 15.3 15.6 15.6 15.7 15.5 15.4 15.3 15.3
3.3 29 2.6 2.4 2.5 2.7 2.6 2.4 2.3 2.2
7.1 6.3 6.2 6.1 6.0 5.9 5.7 5.4 5.2 5.0
1.6 1.4 1.2 1.1 1.1 1.2 1.1 1.1 1.0 0.9
34 3.0 2.9 2.8 2.7 2.6 2.5 2.3 2.2 21
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Global Employment Trends for Youth 2020

Arab States

Demographic

group (Youth) 2010

Labour force participation rate Total per cent 333 29.0 29.0
Labour force participation rate Male per cent 52.8 46.7 46.8
Labour force participation rate Female per cent 12.8 9.8 9.5
Labour force Total millions 6.6 7.7 7.9
Labour force Male millions 5.4 6.5 6.7
Labour force Female millions 1.2 1.2 1.2
Employment-to-population ratio Total per cent 27.3 233 233
Employment-to-population ratio Male per cent 43.7 38.6 38.8
Employment-to-population ratio Female per cent 9.8 6.7 6.5
Employment Total millions 5.4 6.2 6.4
Employment Male millions 4.4 5.4 5.5
Employment Female millions 0.9 0.9 0.8
Unemployment rate Total per cent 18.2 19.5 19.5
Unemployment rate Male per cent 17.2 17.3 171
Unemployment rate Female per cent 22.8 31.2 32.2
Unemployment Total millions 1.2 1.5 1.5
Unemployment Male millions 0.9 1.1 1.1

Unemployment Female millions 0.3 0.4 0.4
Combined rate of unemployment and potential labour force Total per cent 33.0 32.8
Combined rate of unemployment and potential labour force Male per cent 26.3 259
Combined rate of unemployment and potential labour force Female per cent 57.4 58.4
Potential labour force Total millions 1.6 1.6
Potential labour force Male millions 0.8 0.8
Potential labour force Female millions 0.8 0.8
Rate of NEET Total per cent 31.6 31.6
Rate of NEET Male per cent 15.9 15.8
Rate of NEET Female per cent 48.7 489
NEET Total millions 8.4 8.6
NEET Male millions 2.2 2.2
NEET Female millions 6.2 6.4
Extreme working poverty rate Total per cent 1.4 3.0
Moderate working poverty rate Total per cent 11.8 12.7
Extreme working poverty Total millions 0.1 0.2
Moderate working poverty Total millions 0.7 0.8




Appendix C. Additional tables

I
28.7 28.5 28.3 28.0 28.1 27.9 28.0 27.7 27.4 27.2
46.4 46.2 46.1 454 45.3 45.7 459 45.6 45.2 447
9.3 9.2 9.0 9.2 9.5 8.5 8.4 8.3 8.2 8.1
8.0 8.0 7.9 7.8 8.0 8.0 8.0 7.9 7.8 7.9
6.7 6.8 6.7 6.6 6.7 6.8 6.9 6.8 6.7 6.8
1.2 1.2 1.2 1.2 1.3 1.2 1.1 1.1 1.1 11
231 22.7 22.3 21.9 22.0 21.6 21.6 21.4 211 21.0
38.6 38.1 37.8 36.9 36.7 36.7 36.9 36.7 36.3 35.9
6.1 5.9 5.6 5.7 6.1 5.0 4.8 4.8 4.7 4.7
6.4 6.3 6.3 6.1 6.2 6.1 6.2 6.1 6.0 6.1
5.6 5.6 5.5 5.4 5.4 5.5 5.5 5.5 5.4 5.4
0.8 0.8 0.8 0.8 0.8 0.7 0.7 0.7 0.7 0.7
19.5 20.5 211 21.7 21.7 22.8 22.8 22.9 23.0 22.9
16.8 17.6 18.1 18.7 19.0 19.7 19.6 19.7 19.8 19.6
34.4 36.2 38.1 37.6 35.9 40.8 42.4 42.2 421 42.5
1.6 1.6 1.7 1.7 1.7 1.8 1.8 1.8 1.8 1.8
1.1 1.2 1.2 1.2 1.3 1.3 1.3 1.3 1.3 1.3
0.4 0.4 0.5 0.5 0.5 0.5 0.5 0.5 0.5 0.5
329 34.1 34.7 353 35.1 35.8 35.7 36.1 36.5 36.5
25.3 259 26.2 27.0 27.4 28.3 28.3 28.6 29.0 28.9
60.6 63.0 64.5 63.9 61.8 65.1 65.5 65.8 66.1 66.3
1.6 1.6 1.6 1.7 1.6 1.6 1.6 1.6 1.7 1.7
0.8 0.8 0.7 0.8 0.8 0.8 0.8 0.9 0.9 0.9
0.8 0.9 0.9 0.9 0.9 0.8 0.8 0.8 0.8 0.8
31.0 327 331 33.3 33.3 33.8 34.0 34.2 34.3 34.5
14.9 16.5 16.8 17.2 17.3 17.9 17.7 17.8 18.0 18.2
48.6 50.4 50.8 50.7 50.6 51.2 51.8 51.9 51.9 52.2
8.6 9.2 9.3 9.3 9.4 9.6 9.7 9.8 9.8 10.0
2.2 2.4 2.5 2.5 2.6 2.7 2.6 2.7 2.7 2.7
6.4 6.7 6.8 6.8 6.9 7.0 7.1 7.1 71 7.3
3.8 5.4 5.7 9.3 11.5 12.7 12.9 13.3 13.2 131
12.7 12.7 12.5 13.2 12.6 12.6 12.4 12.3 12.2 11.8
0.2 0.3 0.4 0.6 0.7 0.8 0.8 0.8 0.8 0.8
0.8 0.8 0.8 0.8 0.8 0.8 0.8 0.8 0.7 0.7
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Global Employment Trends for Youth 2020

Eastern Asia

Demographic

group (Youth) 2010
Labour force participation rate Total per cent 65.6 54.3 53.4
Labour force participation rate Male per cent 66.0 56.2 55.3
Labour force participation rate Female per cent 65.2 52.3 51.3
Labour force Total millions 153.9 139.8 133.7
Labour force Male millions 79.6 75.2 72.2
Labour force Female millions 74.3 64.5 61.5
Employment-to-population ratio Total per cent 61.0 49.0 48.1
Employment-to-population ratio Male per cent 60.8 50.1 49.3
Employment-to-population ratio Female per cent 61.1 47.7 46.8
Employment Total millions 143.1 126.1 120.5
Employment Male millions 73.3 67.1 64.4
Employment Female millions 69.7 58.9 56.1
Unemployment rate Total per cent 7.1 9.8 9.9
Unemployment rate Male per cent 7.9 10.8 10.8
Unemployment rate Female per cent 6.2 8.7 8.7
Unemployment Total millions 10.9 13.7 13.2
Unemployment Male millions 6.3 8.1 7.8
Unemployment Female millions 4.6 5.6 5.4
Combined rate of unemployment and potential labour force Total per cent 14.0 14.2
Combined rate of unemployment and potential labour force Male per cent 151 15.3
Combined rate of unemployment and potential labour force Female per cent 12.8 13.0
Potential labour force Total millions 6.8 6.8
Potential labour force Male millions 3.8 3.8
Potential labour force Female millions 3.0 3.0
Rate of NEET Total per cent 17.7 17.8
Rate of NEET Male per cent 13.1 13.2
Rate of NEET Female per cent 227 22.8
NEET Total millions 45.7 44.6
NEET Male millions 17.6 17.3
NEET Female millions 28.1 27.3
Extreme working poverty rate Total per cent 17.8 13.1
Moderate working poverty rate Total per cent 16.4 15.4
Extreme working poverty Total millions 22.4 15.8
Moderate working poverty Total millions 20.7 18.6




Appendix C. Additional tables

I
52.2 50.6 491 47.8 46.9 46.0 45.5 45.2 449 44.5
54.0 52.3 50.7 49.3 48.3 47.4 46.8 46.5 46.1 45.7
50.1 48.8 47.4 46.2 45.2 44.5 44.0 43.8 43.5 431
125.9 117.0 108.8 102.2 97.1 93.3 90.7 89.1 87.3 85.7
68.1 63.4 59.0 55.5 52.9 50.8 49.4 48.5 47.6 46.8
57.7 53.6 49.8 46.6 44.2 42.5 41.3 40.5 39.7 38.9
46.9 45.5 441 42.9 42.0 41.4 411 40.8 40.4 40.0
481 46.5 45.0 43.7 42.9 42.2 41.8 41.5 411 40.6
45.7 44.4 43.0 419 411 40.5 40.2 40.0 39.6 39.3
113.2 105.1 97.6 91.5 87.1 83.8 81.9 80.3 78.6 77.0
60.7 56.4 52.4 49.2 46.9 45.2 44.2 43.3 42.4 41.6
52.6 48.8 45.2 42.3 40.2 38.6 37.7 37.0 36.2 354
10.0 10.2 10.3 10.4 10.3 101 9.7 9.8 10.0 10.2
11.0 111 11.3 11.4 11.2 11.0 10.6 10.8 11.0 111
8.9 9.0 9.2 9.3 9.2 9.0 8.6 8.7 89 9.0
12.6 11.9 11.2 10.7 10.0 9.4 8.8 8.7 8.8 8.7
7.5 7.1 6.7 6.3 5.9 5.6 5.2 5.2 5.2 5.2
5.1 4.8 4.6 4.3 41 3.8 3.6 3.5 3.5 3.5
14.5 14.9 15.2 15.5 15.4 15.3 14.9 15.1 15.3 15.5
15.5 15.9 16.3 16.6 16.5 16.3 15.9 16.1 16.4 16.6
13.3 13.6 13.9 14.2 14.2 141 13.7 13.8 14.0 14.2
6.6 6.4 6.3 6.1 5.9 5.7 5.6 5.5 5.5 5.4
3.7 3.6 3.5 34 3.3 3.2 31 31 3.1 3.1
29 2.8 2.8 2.7 2.6 2.5 2.4 2.4 2.4 2.3
17.8 17.7 17.3 17.0 16.5 16.6 16.6 16.7 16.9 17.0
13.2 13.2 12.8 12.6 121 121 121 12.2 12.3 12.5
22.8 22.7 22.3 22.0 21.5 21.7 21.8 21.9 221 22.2
42.9 40.9 38.4 36.3 34.3 337 33.2 33.0 32.9 32.8
16.6 16.0 15.0 141 13.2 13.0 12.7 12.7 12.7 12.8
26.2 25.0 23.4 22.2 21.0 20.7 20.5 20.3 20.2 20.1
11.0 3.7 29 1.9 1.7 1.6 1.5 1.4 1.3 1.3
14.0 11.8 9.6 7.8 7.1 6.5 6.0 5.6 5.2 49
12.5 3.9 2.8 1.8 1.5 1.4 1.2 1.1 1.0 1.0
15.8 12.4 9.4 7.2 6.2 5.5 4.9 4.5 4.1 3.8
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Global Employment Trends for Youth 2020

South-Eastern Asia and the Pacific

Demographic

group (Youth) 2010
Labour force participation rate Total per cent 56.3 51.3 51.3
Labour force participation rate Male per cent 62.4 58.4 58.6
Labour force participation rate Female per cent 50.0 441 438
Labour force Total millions 61.0 58.1 58.3
Labour force Male millions 34.2 33.5 33.8
Labour force Female millions 26.7 24.6 24.5
Employment-to-population ratio Total per cent 50.3 46.4 46.2
Employment-to-population ratio Male per cent 55.7 52.9 52.9
Employment-to-population ratio Female per cent 447 39.7 39.2
Employment Total millions 54.5 52.5 52.5
Employment Male millions 30.6 30.3 30.5
Employment Female millions 239 22.2 22.0
Unemployment rate Total per cent 10.6 9.6 10.0
Unemployment rate Male per cent 10.8 9.4 9.7
Unemployment rate Female per cent 10.5 9.9 10.5
Unemployment Total millions 6.5 5.6 5.8
Unemployment Male millions 3.7 3.1 3.3
Unemployment Female millions 2.8 24 2.6
Combined rate of unemployment and potential labour force Total per cent 16.7 171
Combined rate of unemployment and potential labour force Male per cent 15.0 15.3
Combined rate of unemployment and potential labour force Female per cent 18.9 19.5
Potential labour force Total millions 5.0 5.0
Potential labour force Male millions 2.2 2.2
Potential labour force Female millions 2.7 2.8
Rate of NEET Total per cent 19.6 19.2
Rate of NEET Male per cent 13.9 13.5
Rate of NEET Female per cent 25.4 251
NEET Total millions 221 21.8
NEET Male millions 8.0 7.8
NEET Female millions 14.2 141
Extreme working poverty rate Total per cent 12.2 1.1
Moderate working poverty rate Total per cent 236 23.0
Extreme working poverty Total millions 6.4 5.8
Moderate working poverty Total millions 12.4 12.1




Appendix C. Additional tables

I
51.1 50.6 50.0 49.3 48.4 481 47.6 47.4 47.2 47.0
58.5 58.1 57.3 56.3 55.5 55.2 54.7 54.5 54.3 541
43.5 427 42.4 419 40.9 40.6 40.2 39.9 39.7 39.5
58.4 58.1 57.8 57.2 56.2 55.8 55.3 55.0 54.6 54.4
34.0 34.0 33.8 33.3 33.0 32.8 32.5 32.4 32.2 321
24.5 241 241 23.8 23.3 23.1 22.8 22.6 22.4 22.3
46.4 45.8 45.2 44.3 43.7 43.3 42.8 42.4 421 41.8
53.2 52.7 52.0 50.7 50.1 49.7 49.2 489 48.5 48.3
39.3 38.6 38.3 37.7 36.9 36.5 36.0 35.6 35.2 35.0
53.0 52.6 52.3 51.4 50.7 50.3 49.6 49.2 48.7 48.4
30.9 30.9 30.6 30.0 29.8 29.5 29.2 29.0 28.8 28.7
221 21.8 21.7 21.4 21.0 20.7 20.4 20.1 19.9 19.7
9.2 9.4 9.5 10.1 9.8 10.0 10.2 10.5 10.9 11.0
9.0 9.2 9.3 10.0 9.7 9:9 10.1 10.3 10.6 10.7
9.6 9.8 9.8 10.1 9.9 10.1 10.4 10.8 11.2 11.5
5.4 5.5 5.5 5.8 5.5 5.6 5.7 5.8 5.9 6.0
31 31 3.1 3.3 3.2 3.2 3.3 3.3 3.4 3.4
2.3 2.4 2.4 2.4 2.3 2.3 2.4 2.4 2.5 2.6
16.2 16.6 16.7 171 17.4 171 17.4 17.8 18.2 18.5
14.6 15.0 15.1 15.7 15.7 15.8 16.1 16.3 16.6 16.8
18.4 18.8 18.8 19.1 19.6 18.9 19.3 19.9 20.4 20.8
49 5.0 5.0 49 5.1 4.8 4.8 4.9 49 5.0
2.2 2.3 2.3 2.2 2.3 2.3 2.3 2.3 2.3 2.3
2.6 2.7 2.7 2.6 2.8 2.5 2.5 2.6 2.6 2.6
18.5 18.8 18.4 18.5 18.3 18.0 17.9 18.2 18.4 18.5
12.7 13.2 131 13.6 13.2 12.9 131 13.3 13.5 13.6
24.5 24.6 24.0 23.7 23.7 23.2 22.9 23.3 23.6 23.7
21.2 21.6 21.3 21.5 21.3 20.9 20.8 211 21.3 21.5
7.4 77 77 8.0 7.8 7.7 7.8 7.9 8.0 8.1
13.8 13.9 13.6 13.5 13.5 13.2 13.0 13.2 13.3 13.4
9.8 8.7 7.7 6.8 6.0 5.2 4.5 3.9 3.5 3.0
22.7 221 211 19.1 17.7 16.0 14.6 13.5 12.5 11.5
5.2 4.6 4.0 3.5 3.0 2.6 2.2 1.9 1.7 1.5
121 11.6 11.0 9.8 9.0 8.0 7.3 6.6 6.1 5.6
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1 64 Global Employment Trends for Youth 2020

Southern Asia

Demographic

group (Youth) 2010

Labour force participation rate Total per cent 44.6 37.9 36.6
Labour force participation rate Male per cent 64.9 55.6 54.0
Labour force participation rate Female per cent 22.7 18.7 17.7
Labour force Total millions 128.4 125.8 122.3
Labour force Male millions 97.0 96.2 94.1

Labour force Female millions 31.4 29.6 28.3
Employment-to-population ratio Total per cent 37.8 31.8 30.6
Employment-to-population ratio Male per cent 55.0 46.6 45.0
Employment-to-population ratio Female per cent 19.2 15.6 14.8
Employment Total millions 108.7 105.4 1021
Employment Male millions 82.2 80.6 78.4
Employment Female millions 26.6 24.8 237
Unemployment rate Total per cent 15.4 16.2 16.5
Unemployment rate Male per cent 15.3 16.2 16.6
Unemployment rate Female per cent 15.5 16.3 16.2
Unemployment Total millions 19.7 20.4 20.2
Unemployment Male millions 14.8 15.6 15.6
Unemployment Female millions 4.9 4.8 4.6

Combined rate of unemployment and potential labour force Total per cent 19.9 20.5
Combined rate of unemployment and potential labour force Male per cent 19.2 19.9
Combined rate of unemployment and potential labour force Female per cent 221 22.2
Potential labour force Total millions 5.7 6.1

Potential labour force Male millions 3.5 3.9

Potential labour force Female millions 2.2 2.2

Rate of NEET Total per cent 28.9 28.6
Rate of NEET Male per cent 9.5 9.4

Rate of NEET Female per cent 50.1 49.6
NEET Total millions 95.8 95.5
NEET Male millions 16.4 16.3
NEET Female millions 79.4 79.2
Extreme working poverty rate Total per cent 254 22.2
Moderate working poverty rate Total per cent 39.9 39.7
Extreme working poverty Total millions 26.8 22.6
Moderate working poverty Total millions 42.0 40.6




Appendix C. Additional tables

.
35.5 34.8 34.0 334 32.8 32.4 31.8 31.6 31.4 31.2
52.6 51.7 50.5 49.7 48.9 48.4 47.7 47.4 47.2 46.9
16.9 16.3 15.8 15.5 15.1 14.8 14.3 14.2 14.1 13.9
119.4 117.7 115.5 114.3 112.9 112.3 110.8 110.7 110.5 110.1
92.3 91.4 89.9 88.9 88.2 87.8 87.0 87.0 86.9 86.7
271 26.3 25.7 25.3 24.7 24.5 23.8 23.7 23.5 23.4
29.5 28.7 28.0 27.4 26.8 26.5 26.0 25.7 25.5 25.3
43.5 42.5 41.6 40.8 40.0 39.6 39.0 38.5 38.2 38.0
14.1 13.5 131 12.7 12.3 121 1.7 11.6 11.5 11.4
99.0 97.0 95.4 93.7 92.3 91.7 90.5 90.0 89.7 89.3
76.3 75.1 74.0 73.0 721 71.8 711 70.7 70.5 70.3
22.6 21.9 21.3 20.8 20.2 20.0 19.4 19.3 19.2 19.1
171 17.6 17.5 18.0 18.2 18.3 18.3 18.7 18.8 18.9
17.3 17.8 17.6 17.9 18.2 18.3 18.3 18.7 18.9 19.0
16.5 17.0 17.0 18.0 18.3 18.5 18.3 18.4 18.5 18.6
20.4 20.8 20.2 20.5 20.6 20.6 20.3 20.7 20.8 20.8
16.0 16.3 15.8 15.9 16.0 16.1 16.0 16.3 16.4 16.5
4.5 4.5 4.4 4.6 4.5 4.5 4.3 4.4 4.3 4.4
21.0 21.4 21.5 21.9 22.4 22.7 23.0 234 235 23.6
20.7 21.0 211 21.4 21.9 221 22.5 23.0 23.1 23.2
22.3 22.6 22.8 23.4 24.0 24.6 24.7 24.8 24.9 25.0
6.0 5.6 5.9 5.7 6.1 6.3 6.7 6.8 6.8 6.8
3.9 3.7 4.0 4.0 4.2 4.4 4.7 4.8 4.8 4.8
2.0 1.9 2.0 1.8 1.9 2.0 2.0 2.0 2.0 2.0
28.5 29.2 29.0 29.3 29.2 29.6 30.1 30.5 30.7 30.9
9.5 10.5 10.8 11.4 11.9 12.7 13.5 14.0 14.3 14.5
49.4 49.6 49.0 48.9 48.2 48.3 48.4 48.8 48.8 48.9
95.9 98.7 98.8 100.2 100.5 102.7 104.9 106.9 107.9 108.9
16.6 18.6 19.2 20.4 21.4 23.0 24.6 257 26.3 26.8
79.3 80.1 79.6 79.8 79.2 79.7 80.3 81.2 81.6 82.1
19.4 18.2 17.2 16.1 15.1 139 12.9 12.0 111 10.3
393 38.5 37.8 37.0 36.2 35.3 34.4 33.5 32.6 31.7
19.2 17.7 16.4 15.1 14.0 12.8 1.7 10.8 9.9 9.2
38.9 37.4 36.0 34.7 334 324 311 30.2 29.3 28.3

165



166

Global Employment Trends for Youth 2020

Northern, Southern and Western Europe

Demographic

group (Youth) 2010
Labour force participation rate Total per cent 48.0 45.7 45.3
Labour force participation rate Male per cent 51.6 48.6 48.0
Labour force participation rate Female per cent 44.2 427 42.5
Labour force Total millions 25.4 23.9 23.5
Labour force Male millions 13.9 13.0 12.7
Labour force Female millions 11.5 10.9 10.8
Employment-to-population ratio Total per cent 39.9 36.1 35.6
Employment-to-population ratio Male per cent 43.3 37.9 373
Employment-to-population ratio Female per cent 36.3 34.2 33.9
Employment Total millions 211 18.9 18.5
Employment Male millions 1.7 101 9.9
Employment Female millions 9.4 87 8.6
Unemployment rate Total per cent 16.9 21.0 21.3
Unemployment rate Male per cent 16.1 22.0 22.2
Unemployment rate Female per cent 17.8 19.9 20.3
Unemployment Total millions 4.3 5.0 5.0
Unemployment Male millions 2.2 2.9 2.8
Unemployment Female millions 2.0 2.2 2.2
Combined rate of unemployment and potential labour force Total per cent 28.9 29.3
Combined rate of unemployment and potential labour force Male per cent 29.3 29.7
Combined rate of unemployment and potential labour force Female per cent 28.4 28.9
Potential labour force Total millions 2.6 2.7
Potential labour force Male millions 1.3 1.4
Potential labour force Female millions 1.3 1.3
Rate of NEET Total per cent 131 131
Rate of NEET Male per cent 12.9 12.9
Rate of NEET Female per cent 13.3 13.4
NEET Total millions 6.8 6.8
NEET Male millions 34 34
NEET Female millions 3.4 3.4




Appendix C. Additional tables

44.9 44.5 43.9 43.9 439 439 44.0 43.8 43.6 43.3
47.6 46.8 46.2 46.1 46.0 45.9 46.3 46.1 45.8 45.5
42.2 42.0 41.4 41.6 41.8 41.7 41.5 41.4 41.2 411
231 22.7 22.2 221 22.0 21.8 21.8 21.6 21.4 21.3
12.5 12.2 12.0 11.9 11.8 1.7 11.8 1.7 11.6 11.5
10.6 10.5 10.3 10.2 10.2 10.1 10.0 9.9 9.9 9.8
34.6 341 34.2 349 35.6 36.3 37.1 37.3 371 36.8
36.2 35.5 35.5 36.2 36.8 37.6 38.7 38.8 38.7 38.2
331 327 32.8 335 34.3 349 353 357 35.5 35.2
17.8 17.4 17.3 17.6 17.8 18.1 18.4 18.4 18.3 18.0
9.5 9.3 9.2 9.3 9.4 9.6 9.8 9.8 9.8 9.6
8.3 8.2 8.1 8.2 8.4 8.5 8.5 8.6 8.5 8.4
22.9 23.2 221 20.5 191 17.3 15.7 14.8 14.8 15.1
24.0 24.2 231 21.5 20.1 18.2 16.5 15.8 15.6 15.9
21.6 221 20.9 19.4 17.9 16.3 14.8 13.8 13.9 14.2
5.3 5.3 4.9 4.5 4.2 3.8 3.4 3.2 3.2 3.2
3.0 3.0 2.8 2.6 2.4 2.1 1.9 1.8 1.8 1.8
2.3 2.3 2.1 2.0 1.8 1.6 1.5 1.4 1.4 1.4
31.0 31.3 30.5 28.8 27.5 25.5 23.6 22.6 22.6 229
31.6 31.9 311 29.4 28.3 26.2 241 23.2 23.1 23.4
30.3 30.6 29.7 28.2 26.7 247 231 21.8 22.0 224
2.7 2.7 2.7 2.6 2.6 2.4 2.2 2.2 2.1 2.2
1.4 1.4 1.4 1.3 1.3 1.3 1.2 1.1 1.1 1.1

1.3 1.3 1.3 1.2 1.2 1.1 1.1 1.0 1.0 1.0
13.3 13.0 12.6 12.2 1.7 1.2 10.8 10.5 10.6 10.8
13.3 13.0 12.6 121 1.7 1.3 10.7 10.3 10.3 10.6
13.4 13.1 12.6 12.2 1.7 1.1 10.8 10.7 10.8 11.0
6.9 6.7 6.4 6.1 5.9 5.6 5.3 5.2 5.2 5.3
3.5 3.4 3.3 3.1 3.0 29 2.7 2.6 2.6 2.7
34 3.3 3.1 3.0 28 2.7 2.6 2.6 2.6 2.6
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Global Employment Trends for Youth 2020

Eastern Europe

Demographic

group (Youth) 2010

Labour force participation rate Total per cent 1.3 38.5 38.3
Labour force participation rate Male per cent 44.9 42.9 42.8
Labour force participation rate Female per cent 37.6 33.9 337
Labour force Total millions 19.8 16.2 15.4
Labour force Male millions 10.9 9.2 8.8
Labour force Female millions 8.9 7.0 6.6
Employment-to-population ratio Total per cent 321 314 31.5
Employment-to-population ratio Male per cent 35.0 35.0 35.2
Employment-to-population ratio Female per cent 29.0 27.6 27.6
Employment Total millions 15.4 13.2 12.7
Employment Male millions 8.5 7.5 7.2
Employment Female millions 6.8 5.7 5.4
Unemployment rate Total per cent 224 18.4 17.9
Unemployment rate Male per cent 22.0 18.4 17.8
Unemployment rate Female per cent 229 18.4 17.9
Unemployment Total millions 4.4 3.0 2.8
Unemployment Male millions 2.4 1.7 1.6
Unemployment Female millions 2.0 1.3 1.2
Combined rate of unemployment and potential labour force Total per cent 23.7 22.8
Combined rate of unemployment and potential labour force Male per cent 23.2 22.4
Combined rate of unemployment and potential labour force Female per cent 243 233
Potential labour force Total millions 1.1 1.0
Potential labour force Male millions 0.6 0.5
Potential labour force Female millions 0.5 0.5
Rate of NEET Total per cent 14.3 13.7
Rate of NEET Male per cent 11.6 11.8
Rate of NEET Female per cent 17.1 15.7
NEET Total millions 6.0 5.5
NEET Male millions 2.5 2.4
NEET Female millions 3.5 3.1




Appendix C. Additional tables

I
37.2 37.0 36.2 35.6 35.1 341 33.2 32.2 31.2 30.4
41.7 41.4 40.8 39.9 39.5 38.2 37.0 35.9 34.8 8819
32,5 32.3 314 31.0 30.5 29.9 29.2 28.3 27.5 26.7
14.2 13.3 12.3 11.5 10.8 10.1 9.6 9.1 8.7 8.5
8.1 7.7 VAl 6.6 6.2 5.8 5.5 5.2 5.0 49
6.1 5.7 5.2 49 4.6 4.3 4.1 3.9 3.8 3.7
30.6 30.5 29.7 291 29.0 28.7 28.1 27.4 26.7 26.1
34.3 34.2 33.6 32.8 32.7 32.2 31.5 30.6 29.9 29.2
26.7 26.5 25.7 25.3 251 251 24.6 24.0 23.4 22.8
11.7 11.0 10.1 9.4 8.9 8.5 8.1 77 7.5 7.3
6.7 6.3 5.8 5.4 5.2 4.9 4.6 4.4 4.3 4.2
5.0 4.7 4.3 4.0 3.8 3.6 3.5 3.3 3.2 3.1
17.9 17.6 17.8 18.1 17.5 15.9 15.3 14.9 14.4 14.2
17.7 17.4 17.7 17.8 17.3 15.8 14.8 14.6 14.1 13.9
18.0 17.9 18.0 18.5 17.7 16.0 15.9 15.3 14.8 14.5
2.5 2.3 2.2 2.1 1.9 1.6 1.5 1.4 1.3 1.2
1.4 1.3 1.3 1.2 1.1 0.9 0.8 0.8 0.7 0.7
1.1 1.0 0.9 0.9 0.8 0.7 0.7 0.6 0.6 0.5
224 224 224 22.8 221 20.5 20.1 19.8 19.4 19.3
22.0 21.8 22.0 22.2 21.6 20.0 19.2 191 18.7 18.6
23.0 23.3 22.9 23.7 22.6 21.2 21.2 20.7 20.3 20.2
0.8 0.8 0.7 0.7 0.6 0.6 0.6 0.6 0.5 0.5
0.5 0.4 0.4 0.4 0.3 0.3 0.3 0.3 0.3 0.3
0.4 0.4 0.3 0.3 0.3 0.3 0.3 0.3 0.3 0.3
13.3 13.5 13.9 13.4 13.4 13.0 13.6 14.2 14.8 15.4
1.4 11.5 11.9 11.5 11.5 11.0 11.6 12.4 131 13.7
15.3 15.6 16.0 15.3 15.4 15.2 15.7 16.0 16.5 17.0
5.1 49 4.7 4.3 4.1 3.9 BIO) 4.0 4.1 4.3
2.2 2.1 21 1.9 1.8 1.7 1.7 1.8 1.9 2.0
2.8 2.7 2.7 2.4 2.3 2.2 2.2 2.2 2.3 2.3
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Global Employment Trends for Youth 2020

Central and Western Asia

Demographic

group (Youth) 2010

Labour force participation rate Total per cent 441 40.9 1.2
Labour force participation rate Male per cent 54.4 50.3 50.7
Labour force participation rate Female per cent 337 31.2 31.4
Labour force Total millions 11.9 12.4 12.4
Labour force Male millions 7.4 7.7 7.7
Labour force Female millions 4.5 4.7 4.7
Employment-to-population ratio Total per cent 36.5 34.7 35.5
Employment-to-population ratio Male per cent 45.2 42.7 43.9
Employment-to-population ratio Female per cent 277 26.4 26.8
Employment Total millions 9.8 10.5 10.7
Employment Male millions 6.1 6.5 6.7
Employment Female millions 3.7 4.0 4.0
Unemployment rate Total per cent 17.3 15.3 13.9
Unemployment rate Male per cent 16.9 15.1 13.3
Unemployment rate Female per cent 17.8 15.5 14.7
Unemployment Total millions 2.1 1.9 1.7
Unemployment Male millions 1.3 1.2 1.0
Unemployment Female millions 0.8 0.7 0.7
Combined rate of unemployment and potential labour force Total per cent 229 21.0
Combined rate of unemployment and potential labour force Male per cent 21.6 19.2
Combined rate of unemployment and potential labour force Female per cent 25.0 239
Potential labour force Total millions 1.2 1.1

Potential labour force Male millions 0.6 0.6
Potential labour force Female millions 0.6 0.6
Rate of NEET Total per cent 24.5 234
Rate of NEET Male per cent 17.4 16.2
Rate of NEET Female per cent 31.8 30.7
NEET Total millions 7.4 7.1

NEET Male millions 2.7 2.5
NEET Female millions 4.8 4.6
Extreme working poverty rate Total per cent 10.5 9.6
Moderate working poverty rate Total per cent 1.3 11.0
Extreme working poverty Total millions 1.1 1.0
Moderate working poverty Total millions 1.2 1.2




Appendix C. Additional tables

I
40.5 41.2 42.2 42.9 42.9 43.0 43.2 43.0 42.8 42.5
49.9 50.7 52.1 52.3 52.2 52.5 52.8 52.6 52.4 52.0
30.8 31.5 321 33.2 33.2 33.2 33.2 33.0 32.7 32.5
12.2 12.3 12.5 12.6 12.5 12.4 12.4 12.2 121 12.0
7.6 77 7.8 7.8 7.7 7.7 77 77 7.6 7.5
4.6 4.6 4.7 4.8 4.7 4.7 4.6 4.6 4.5 4.5
35.1 35.6 36.2 36.7 36.5 36.3 36.5 35.4 35.3 35.0
43.6 44.0 449 45.2 44.9 45.0 45.3 439 43.6 43.2
26.4 26.9 27.2 27.9 27.6 27.2 27.2 26.5 26.5 26.4
10.5 10.6 10.7 10.8 10.6 10.5 10.4 10.1 10.0 9.9
6.6 6.7 6.8 6.8 6.7 6.6 6.6 6.4 6.3 6.3
3.9 3.9 4.0 4.0 3.9 3.8 3.8 37 3.7 3.6
13.3 13.7 14.2 14.5 15.0 15.7 15.6 17.8 17.5 17.7
12.7 131 13.7 13.5 13.9 14.3 14.2 16.6 16.6 17.0
14.3 14.7 151 16.1 16.8 18.1 17.9 19.7 19.0 18.9
1.6 1.7 1.8 1.8 1.9 1.9 1.9 2.2 2.1 2.1
1.0 1.0 1.1 1.1 1.1 1.1 1.1 1.3 1.3 1.3
0.7 0.7 0.7 0.8 0.8 0.8 0.8 0.9 0.9 0.8
20.7 20.9 21.4 21.5 221 22.3 21.9 241 239 241
19.0 19.0 19.3 19.1 19.7 19.5 191 21.5 21.6 22.0
23.5 23.9 24.7 251 25.8 26.9 26.3 28.1 27.5 27.4
1.1 1.1 1.1 1.1 11 11 1.0 1.0 1.0 1.0
0.6 0.6 0.5 0.5 0.6 0.5 0.5 0.5 0.5 0.5
0.5 0.6 0.6 0.6 0.6 0.6 0.5 0.5 0.5 0.5
23.0 21.6 21.2 20.7 20.7 21.0 21.2 22.2 22.0 221
16.2 15.2 14.8 14.5 14.6 14.7 15.3 16.7 16.4 16.5
299 28.2 27.8 27.2 27.2 27.5 27.5 27.9 27.8 27.9
6.9 6.4 6.3 6.1 6.0 6.0 6.1 6.3 6.2 6.3
2.5 2.3 2.2 2.2 2.2 2.2 2.2 2.4 2.4 2.4
4.4 4.1 4.0 3.9 3.9 3.9 3.8 38 3.8 3.9
9.1 8.4 7.6 7.0 6.5 6.1 5.6 5.3 49 4.6
10.5 10.3 9.5 9.2 8.7 8.2 7.8 7.6 71 6.7
1.0 0.9 0.8 0.8 0.7 0.6 0.6 0.5 0.5 0.5
1.1 1.1 1.0 1.0 0.9 0.9 0.8 0.8 0.7 0.7
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Central and Western Asia

Demographic

group (Youth) 2010

Labour force participation rate Total per cent 441 40.9 1.2
Labour force participation rate Male per cent 54.4 50.3 50.7
Labour force participation rate Female per cent 337 31.2 31.4
Labour force Total millions 11.9 12.4 12.4
Labour force Male millions 7.4 7.7 7.7
Labour force Female millions 4.5 4.7 4.7
Employment-to-population ratio Total per cent 36.5 34.7 35.5
Employment-to-population ratio Male per cent 45.2 42.7 43.9
Employment-to-population ratio Female per cent 277 26.4 26.8
Employment Total millions 9.8 10.5 10.7
Employment Male millions 6.1 6.5 6.7
Employment Female millions 3.7 4.0 4.0
Unemployment rate Total per cent 17.3 15.3 13.9
Unemployment rate Male per cent 16.9 15.1 13.3
Unemployment rate Female per cent 17.8 15.5 14.7
Unemployment Total millions 2.1 1.9 1.7
Unemployment Male millions 1.3 1.2 1.0
Unemployment Female millions 0.8 0.7 0.7
Combined rate of unemployment and potential labour force Total per cent 229 21.0
Combined rate of unemployment and potential labour force Male per cent 21.6 19.2
Combined rate of unemployment and potential labour force Female per cent 25.0 239
Potential labour force Total millions 1.2 1.1

Potential labour force Male millions 0.6 0.6
Potential labour force Female millions 0.6 0.6
Rate of NEET Total per cent 24.5 234
Rate of NEET Male per cent 17.4 16.2
Rate of NEET Female per cent 31.8 30.7
NEET Total millions 7.4 7.1

NEET Male millions 2.7 2.5
NEET Female millions 4.8 4.6
Extreme working poverty rate Total per cent 10.5 9.6
Moderate working poverty rate Total per cent 1.3 11.0
Extreme working poverty Total millions 1.1 1.0
Moderate working poverty Total millions 1.2 1.2
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I
40.5 41.2 42.2 42.9 42.9 43.0 43.2 43.0 42.8 42.5
49.9 50.7 52.1 52.3 52.2 52.5 52.8 52.6 52.4 52.0
30.8 31.5 321 33.2 33.2 33.2 33.2 33.0 32.7 32.5
12.2 12.3 12.5 12.6 12.5 12.4 12.4 12.2 121 12.0
7.6 77 7.8 7.8 7.7 7.7 77 77 7.6 7.5
4.6 4.6 4.7 4.8 4.7 4.7 4.6 4.6 4.5 4.5
35.1 35.6 36.2 36.7 36.5 36.3 36.5 35.4 35.3 35.0
43.6 44.0 449 45.2 44.9 45.0 45.3 439 43.6 43.2
26.4 26.9 27.2 27.9 27.6 27.2 27.2 26.5 26.5 26.4
10.5 10.6 10.7 10.8 10.6 10.5 10.4 10.1 10.0 9.9
6.6 6.7 6.8 6.8 6.7 6.6 6.6 6.4 6.3 6.3
3.9 3.9 4.0 4.0 3.9 3.8 3.8 37 3.7 3.6
13.3 13.7 14.2 14.5 15.0 15.7 15.6 17.8 17.5 17.7
12.7 131 13.7 13.5 13.9 14.3 14.2 16.6 16.6 17.0
14.3 14.7 151 16.1 16.8 18.1 17.9 19.7 19.0 18.9
1.6 1.7 1.8 1.8 1.9 1.9 1.9 2.2 2.1 2.1
1.0 1.0 1.1 1.1 1.1 1.1 1.1 1.3 1.3 1.3
0.7 0.7 0.7 0.8 0.8 0.8 0.8 0.9 0.9 0.8
20.7 20.9 21.4 21.5 221 22.3 21.9 241 239 241
19.0 19.0 19.3 19.1 19.7 19.5 191 21.5 21.6 22.0
23.5 23.9 24.7 251 25.8 26.9 26.3 28.1 27.5 27.4
1.1 1.1 1.1 1.1 11 11 1.0 1.0 1.0 1.0
0.6 0.6 0.5 0.5 0.6 0.5 0.5 0.5 0.5 0.5
0.5 0.6 0.6 0.6 0.6 0.6 0.5 0.5 0.5 0.5
23.0 21.6 21.2 20.7 20.7 21.0 21.2 22.2 22.0 221
16.2 15.2 14.8 14.5 14.6 14.7 15.3 16.7 16.4 16.5
299 28.2 27.8 27.2 27.2 27.5 27.5 27.9 27.8 27.9
6.9 6.4 6.3 6.1 6.0 6.0 6.1 6.3 6.2 6.3
2.5 2.3 2.2 2.2 2.2 2.2 2.2 2.4 2.4 2.4
4.4 4.1 4.0 3.9 3.9 3.9 3.8 38 3.8 3.9
9.1 8.4 7.6 7.0 6.5 6.1 5.6 5.3 49 4.6
10.5 10.3 9.5 9.2 8.7 8.2 7.8 7.6 71 6.7
1.0 0.9 0.8 0.8 0.7 0.6 0.6 0.5 0.5 0.5
1.1 1.1 1.0 1.0 0.9 0.9 0.8 0.8 0.7 0.7
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Appendix D. Methodology used to estimate
the risk of automation of jobs

The methodology used in this report to measure the risk of automation of jobs has been
borrowed from Nedelkoska and Quintini (2018)' who, in turn, closely follow the approach
proposed by Frey and Osborne (2017).2 Using data from the survey conducted by the
OECD under the Programme for the International Assessment of Adult Competencies
(PIAAC), Nedelkoska and Quintini (2018) model the risk of automation as a function of three
types of “engineering bottleneck” (i.e. tasks that cannot be easily automated: social
intelligence, creative intelligence, and perception and manipulation). These bottlenecks
are captured by the PIAAC variables listed in table D1.

Table D1

Variables in PIAAC survey corresponding to engineering bottlenecks identified in

Frey and Osborne (2017)

Engineering

bottleneck

Tasks related

Variable
in PIAAC survey

Fingers, hands

Variable

code

Variable

description

How often do you carry out tasks

to perceptlon ‘ (dexterity) F_Q06C requiring §k|l| or accuracy with your
and manipulation hands or fingers?
. How often do you have to tackle relatively
;rrzbllzm ST F_QO5A simple problems that take no more
p than 5 minutes to find a good solution?
Tasks related
to creative intelligence .
Problem-solving How often do you have to tackle relatively
complex ‘| F_QO05B complex problems that take at least
P 30 minutes to find a good solution?
. How often do you instruct, train or teach
g ERlepA others (individually or in groups)?
Advise F_QO2E How often do you advise others?
Plan for others F Q03B How often do you plan the activities of
others?
S How often do you share work-related
Tasks related A ululliteie F-QO2A | information with co-workers?
to social intelligence
How often do you negotiate with people
Negotiate F_Q04B either inside or outside your firm or
organization?
Influence QO4A How often do you have to try to persuade
or influence others?
Sell F Q02D How often do you sell a product or

aservice?

1 Nedelkoska, L.; Quintini, G. 2018. Automation, skills use and training, OECD Social, Employment and Migration Working

Papers No. 202 (Paris, OECD).

2 Frey, C.B.; Osborne, M.A. 2017. “The future of employment: How susceptible are jobs to computerisation?”, in Technological
Forecasting and Social Change, Vol. 114, pp. 254-280.



Appendix D. Methodology used to estimate the risk of automation of jobs

To model the risk of automation as a function of these engineering bottlenecks, they fit a
logistic function:

1

auto

1+ e -@pn’

where X is a matrix of the 10 variables listed earlier and their values. The subsample for
Canada is used to fit the model, as it is the largest one in the PIAAC database. The model
results in the following coefficient estimates (table D2).

Table D2

Modelling automatability as a function of engineering bottlenecks - coefficient

estimates

Fingers, hands (dexterity) ONO5%kE (0.0220)
Problem-solving, simple 0.0573* (0.0309)
Problem-solving, complex -0.0691** (0.0297)
Teaching -0.0691%** (0.0255)
Plan for others -0.308*** (0.0234)
Influence = (028155 (0.0267)
Negotiate 0.0463* (0.0255)
Sell 0.160%** (0.0206)
Advise - 0.199%** (0.0270)
Communication 0,21 Ak (0.0260)
Constant 0.363** (0.152)
Observations 4656

Pseudo R-squared 0.137

Log likelihood -2769

Area under ROC curve 0.743

AIC 1.194

BIC -33693.5

Note: Robust standard errors are given in brackets. Significant at *** p <0.01, ** p < 0.05, * p < 0.1. The sample includes
only observations for 71 occupations in Canada.

Source: Nedelkoska and Quintini, 2018.
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For this report, the PIAAC Public Use File is used, which differs from the PIAAC internal use
file underlying the analysis in Nedelkoska and Quintini (2018).2 The PIAAC Public Use File
has more limited information on the occupational classification used in several countries;
however, it offers comprehensive information on the responses to the skills- and job task-
related questions in the survey. We used this information in combination with the logistic
regression coefficients from table D2 to estimate the risk of automation at individual level
in all 31 surveyed countries.

Assigning values for the risk of automation in the STEP data

Unlike the PIAAC Public Use File, the World Bank’s STEP (“Skills Toward Employment and
Productivity”) Skills Measurement Household Survey* does not allow for a direct estimate
of the job-specific probability of automation. Hence, the average probability of automation
for each unique occupation-age-educational attainment combination in the PIAAC PUF are
first calculated, and then these averages at the occupation-age-educational attainment
level are matched to the STEP. The occupational groups used for calculating the averages
are three-digit groups from the International Standard Classification of Occupations 2008
(ISCO-08), except for Ukraine, for which we have only two-digit ISCO codes. There are five
age groups (15-24 years, 25-34 years, 35-44 years, 45-54 years and 55-64 years) and three
educational attainment groups (low, medium and high).

As jobs in more developed economies typically involve more complex tasks within the same
occupation-age-educational attainment groups (Nedelkoska and Quintini, 2018),° the
highest-performing OECD economies are excluded when calculating the group averages
for countries that participated in the STEP Skills Measurement Household Survey. Averages
were thus obtained for the following countries: Chile, Cyprus, Czechia, Greece, Israel, Italy,
Lithuania, Poland, Russian Federation, Slovakia, Slovenia, Spain and Turkey.

The PIAAC Public Use File data analysed were from the following 31 countries: Austria,
Belgium, Canada, Chile, Cyprus, Czechia, Denmark, Estonia, Finland, France, Germany,
Greece, Ireland, Israel, Italy, Japan, Republic of Korea, Lithuania, Netherlands, New Zealand,
Norway, Poland, Russian Federation, Singapore, Slovakia, Slovenia, Spain, Sweden, Turkey,
United Kingdom and United States. The STEP data analysed were from the following
12 countries: Armenia, Plurinational State of Bolivia, China (Yunnan Province), Colombia,
Georgia, Ghana, Kenya, Lao People’s Democratic Republic, Sri Lanka, North Macedonia,
Ukraine and Viet Nam. The PIAAC data were collected in 2012 and 2014, the STEP data in
2012 and 2013.

3 Nedelkoska and Quintini, op. cit.

4 See Pierre, G.; Sanchez Puerta, M.L.; Valerio, A.; Rajadel, T. 2014. STEP skills measurement surveys: Innovative tools for
assessing skills (English), Social Protection and Labor Discussion Paper No. 1421 (Washington, DC, World Bank).

5 Nedelkoska and Quintini, op. cit.
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Appendix E. Labour Force Micro Database

Data sources

This database harmonizes a number of variables at two points in time using 130 micro data
sets from the household and labour force surveys of 65 countries, covering approximately
85 per cent of the current world labour force. The idea behind having two points of data
is to shed light on the employment-related changes that have occurred since the outset
of the financial crisis. The selection of countries tried to achieve a balance between data
availability, regional diversity and the size of the countries’ labour force. The years chosen
are 2006 and 2016, but sometimes, due to data availability constraints, years close to the
preceding ones had to be used; details on the exact year and source are provided in table E1.

Table E1

Data sources and sample sizes

Country Years Source Survey name Sample
China 2z China Institute for Income Chinese Household e
2013 Distribution Income Project (CHIP) 61162
. . Employment and
2005 ILO microdata repository Unemployment -(NSSO 61) 602,837
L2 ] Ministry of Statistics and PerocTie Lelse:
2018 Programme Implementation Force Surve 433,339
(MOSPI) y
. UL US Bureau of Labor Current Population 208,562
United States o S cPS
2016 Statistics urvey (CPS) 185,487
2005 : 202,633
Indonesia ILO microdata repository 'l;latlonsal Labog;\KERNAS —
2015 RS SO ) 133,916
Brazil 200 Brazilian Institute of National Household OIS
2015 Geography and Statistics Sample Survey (PNAD) 356,904
2005 188, 487
Bangladesh ILO microdata repository Labour Force Survey (LFS) —
2016 493,886
Russian AU University of North Carolina Russia Longitudinal L0
Federation* 2017 at Chapel Hill Monitoring Survey (RLMS) 12,441
2002 JGSS Research Center 2,953
o - ; Japanese General
Japan at Osaka University Social Survey (JGSS)
2012 of Commerce y 4,667
2006 661,321
Pakistan ILO microdata repository Igabour T_(;;ce —
2015 Ui ) 74,978
N 2007 IEUMS General Household e
Nigeria Survey (GHS)
2016 | World Bank y 26,176
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2007 ; 661,321
Viet Nam e m_ltcrodata Labour Force Survey (LFS)
2014 | reposttory 74,978
2007 National Institute . . 416,382
. National Survey of Occupation
Mexico of Geography and and Employment (ENOE)
2017 | Statistics ploy 384,313
. Household Income,
2004 '(lientral Stat|s§|ca'| Consumption and Expenditure 99,229
gency of Ethiopia S HICE
Ethiopia urvey ( )
2016 World Bank Ethiopia Socio-economic 23,160
Survey (ESS)
CETER A0S DIW-Berlin German Socio-Economic Panel )
y (SOEP)
2015 41,575
2007 ; 202,256
Philippines 10 m_|tcrodata Labour Force Survey (LFS)
2017 repository 179,525
. 2007 ILO microdata 22,897
Thailand . Labour Force Survey (LFS)
2015 repository 219,433
: . 2006 Beeneniie Reseerds Labour Market Panel Survey 37,140
9yp Forum
2016 Labour Force Survey (LMS) 347 604
oo, . AU ILO Microdata e
Democratic -~ 1-2-3 survey
Rep. of the 2012 P y 111,679
Turkey 2007 Turkish Statistical Household Labour Force Survey 490,040
2017 Institute (HIA) 495,664
Republic of 2006 Korean Statistics Economically Active 20552
Korea 2016 Department Population Survey (EAPS) 59,631
. . 2006 ; 72,441
Tanzama_, United ILO m_|crodata Labour Force Survey (LFS)
Republic of 2014 repository 47,199
. Continuous Household
2005 Natl(.)n.al . Survey (CHS) 50,142
el Administrative
Department of Great Integrated Household
2015 Statistics Survey (GEIH) 64,785
2007 102,655
Canada Statistics Canada Labour Force Survey (LFS)
2017 102,986
2003 Labour For ce Survey (LFS) 98,748
South Africa DataFirst
2017 Labour Market Dynamics (LMD) 27,876
2002 IPUMS Census 17,525
Uganda
2014 World Bank National Panel Survey 90,783
e . ILO Microdata National Household Survey At
2016 Repository (ENAHO) 134,235
chana 2006 ILO Microdata Living Standard Survey 36,500
2015 Repository Labour Force Survey 19,367
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2007 IPUMS 59,852
Mozambique Socio-Economic Survey
2015 ILO Microdata Repository 50,995
2004 ls\ltzt;ic;?iilslnstltute of 59,852
Cambodia Socio-Economic Survey
2014 ILO Microdata Repository 50,995
2006 Chile National 268,873
Chile Ministry of Social Socioeconomic
Development Characterization Survey
2015 (CASEN) 266,968
Enquéte Niveau
At de Vie des Ménages T
Cote d'Ivoire ILO Microdata Repository Enquéte Nationale sur
2016 la Situation de I'Emploi 44,003
et le Secteur Informel
Welfare Basic Indicators
ATGIEE 2005 Angola Institute Survey (QUIBB) el
9 of National Statistics
2014 Census 495,981
C AU ILO Microdata Enquéte Camerounaise DL
ameroon Repositor Auprés des Ménages
2017 P y P 9 38,961
2008 . 156,680
Zambia IRLO M'.irodata Labour Force Survey (LFS)
2014 epository 58,985
2005 ILO Microdata National Survey of 77,050
Ecuador Repositor Employment and
2015 P y Unemployment (ENEMDU) 112,821
Institut National National Survey on
A de la Statistique Household Budget (EBCNV) A
Tunisia
Economic Research Forum Tunisia Labour Market
2014 (ERF) Survey (LMS) (e
20bE Economic Research 228y
Jordan o (2712 Labour Force Survey
2016 oru 214,598
2008 . 7,043
Armenia IRLeO (’;"S'ii;?data Labour Force Survey
2016 P y 26,658
2005 N 520,217
26 countries EUROSTAT ztnadt'f.t'Fs onincome | e | E——
2015 ving i 518,344
2005 7,232,088
Total (sum) |
2015 7,162,926

* The data for both the Russian Federation and Japan come from labour force modules of social surveys. Their small
sample sizes limited the report’s use of these data sets for the analyses.

Fifty-two of the microdata sets come from the European Union Statistics on Income and
Living Conditions (EU-SILC); for the purposes of this publication, we took the years 2005
and 2015 for the following countries (in alphabetical order): Austria, Belgium, Bulgaria,
Cyprus, Czechia, Estonia, Finland, France, Greece, Ireland, Italy, Latvia, Lithuania,
Luxembourg, Netherlands, Norway, Poland, Portugal, Slovakia, Slovenia, Spain, Sweden,
United Kingdom; the years 2007 and 2015 for Romania and Bulgaria; and the years
2008 and 2014 for Switzerland. The responsibility for all conclusions drawn from the
data lies entirely with the authors of this report.
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Chapter 4 shows a number of measures for educational attainment, high-skilled occupa-
tions, returns to education and wage inequality for selected countries. The countries
included in each of the graphs are the following: Africa is represented by 14 coun-
tries (Angola, Cameroon, Democratic Republic of the Congo, Egypt, Ethiopia, Ghana,
Cote d'Ivoire, Mozambique, Nigeria, South Africa, United Republic of Tanzania, Tunisia,
Uganda and Zambia), totalling 64 per cent of the region’s labour force. Asia and the Pacific
is represented by 11 countries (Bangladesh, Cambodia, China, India, Indonesia, Japan,
Pakistan, Philippines, Republic of Korea, Thailand and Viet Nam), totalling 93 per cent
of the region’s labour force. Latin America and the Caribbean is represented by Brazil,
Chile, Colombia, Ecuador, Guatemala, Mexico and Peru, totalling 75 per cent of its la-
bour force. Eastern Europe and Central and Western Asia’ are represented by Armenia,
Bulgaria, Cyprus, Czechia, Hungary, Poland, Romania, Russian Federation, Slovakia
and Turkey, covering 68 per cent of their labour force. Northern, Southern and Western
Europe is represented by Austria, Belgium, Estonia, Finland, France, Germany, Greece,
Ireland, Italy, Latvia, Lithuania, Luxembourg, Netherlands, Norway, Portugal, Slovenia,
Spain, Sweden, Switzerland and United Kingdom, totalling 94 per cent of the sub-
region’s labour force. Finally, Northern America is represented by Canada and the
United States, covering 100 per cent of the region’s labour force.

Variable definitions and harmonization process

Here is a brief explanation of the definition and harmonization process use to derive
the variables from the labour force micro database used in this report; each variable
explanation starts with a comment about the population for which the variable is defined
(e.g. all individuals, all workers, and so on).

Age: All individuals. As no differences in how age is measured exist, the harmonization is
trivial.

Gender: All individuals. Same as with age; all surveys provide the gender of the people
interviewed (or household members if they did not respond themselves) and they all
distinguish between male and female. The harmonization is trivial.

Education: All individuals. The data used in the report distinguish between those with
finished tertiary education and the rest. Tertiary education includes both graduate and
post-graduate studies.

Labour force status: All individuals. Labour force status subdivides the population into
three mutually exclusive categories: the employed, the unemployed and the inactive.
This variable comes from labour modules within the surveys; these modules are normally
age-restricted and thus usually the variable is only defined for those older than
10, 12 or 15, as the case may be. Following the ILO standard definitions,? a person is
defined as employed if the person worked at least one hour during the reference
period (typically one week).3 Likewise, the person is defined as unemployed if he/she
was without work, willing to work and actively looking for a job during the reference
period. The inactive are defined as the remainder of the population who are neither
employed nor unemployed.

1 This regional grouping makes reference to two of the three subregions of the Europe and Central Asia ILO region,
namely Eastern Europe and Central and Western Asia; the third subregion - Northern, Southern and Western Europe - is
shown separately.

2 See Resolution concerning statistics of the economically active population, employment, unemployment and under-
employment, adopted by the Thirteenth International Conference of Labour Statisticians (October 1982), available at
http://www.ilo.org/wcmsp5/groups/public/---dgreports/---stat/documents/normativeinstrument/wcms_087481.pdf

3 This requirement was sometimes relaxed and national classifications were used whenever the one-hour criterion was
not feasible.
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Employment status: All workers. The variable employment status is divided into five
categories following the standard international classification (ICSE):* employee, own-
account worker, employer, cooperative member and contributing family worker. For the
purposes of this report, given their small numbers among young workers, employers
and members of cooperatives were added to own-account workers. On some occasions
(generally in countries with a high share of rural population), the surveys did not always
assign an employment status but instead offered the number of hours worked by the
person in a variety of tasks like helping in a family business, working as a dependent
employee or as self-employed; in these cases, the work intensity (number of hours
worked) was used to assign a primary employment status.

For the purposes of this report, an additional breakdown was added to employment
status to distinguish amongst different contractual forms of dependent wage employ-
ment. These are:

(@) Permanent employee:
Defined as an employee with a written contract and hired without limit of time.

(b) Temporary employee:
Defined as an employee with a written contract hired for a limited period of time.

(c) Employee without written contract:®
Defined as an employee without a written contract independent of the specified
duration of the job.

Economic activity: All workers. Two variables are created, one uses two digits of
ISIC rev.4 codes and is only available for a limited number of countries and years.
The second one uses 11 broad categories (derived from ISIC rev. 4),° as follows:

A: Agriculture, forestry and fishing

B, C, D and E: Mining and quarrying, manufacturing, electricity, gas, steam and air con-
ditioning supply, water supply, sewerage, waste management and remediation
services

F: Construction

G, I: Wholesale and retail trade, repair of motor vehicles and motorcycles, accommo-
dation and food service activities

H, J: Transportation and storage, information and communication

K: Financial and insurance activities

L, M, and N: Real estate activities, professionals, scientific and technical activities,
administrative and support service activities

O: Public administration and defence; compulsory social security

P: Education

Q: Human health and social work activities

R, S, T and U: Arts, entertainment and recreation, other service activities, activities
of households as employers; undifferentiated goods, activities of extraterritorial
organizations and bodies

Some of the surveys included in the Labour Force Micro Database do not classify
economic activities using ISIC rev.4 codes; these surveys sometimes use an older version
of the international standard industrial classification (ISIC rev.3 or rev.2) or their own

4 Resolution concerning the International Classification of Status in Employment (ICSE), adopted by the Fifteenth International
Conference of Labour Statisticians (January 1993), http://www.ilo.org wecmsp5/groups/public/---dgreports/---stat/documents/
normativeinstrument/wcms_087562.pdf

5 Where contractual information was not available, the (non-)payment of, or enrolment in, social security was used in its place.
Hence, as noted in the text, employees without a written contract broadly correspond to informal wage workers.

6 Classification available at: http://unstats.un.org/unsd/cr/registry/isic-4.asp.
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classifications (like NAICS or its version in Spanish, SCIAN). Whenever NAICS, ISIC rev.3
or ISIC rev.2 were found, official conversion tables were used to convert the codes to ISIC
rev.4. In other instances (a minority), a case—by—case judgement, based on the names’
similarity between the classification at hand and the ISIC rev.4 codes, was employed.

Occupation: All workers. A variable called “skill” is created based on the ISCO-087
occupational groups and their four related skills levels, 1-4. The correspondence between
ISCO-08 and the skills level is as follows:

Skills level 4 (Professional): Major group 2 and sub-major group 11, 12 and 13
Skills level 3 (Skilled): Major groups 3 and sub-major group 14

Skills level 2 (Semi-skilled): Majors groups 4-8

Skills level 1 (Low-skilled): Major group 9

For the purposes of the report, in some figures, we further collapse skills levels 3 and 4
into a single “high-skilled” category giving the following threefold division of skills levels:

Skills level 3/4 (High-skilled): Major groups 1, 2 and 3
Skills level 2 (Semi-skilled): Majors groups 4-8
Skills level 1 (Low-skilled): Major group 9

Wages: All employees. All the calculations that involve wages (Gini coefficients, returns
to education) use hourly wages in purchasing power parity US dollars ($PPP). The original
variable, monthly wage, is divided by the usual number of monthly® hours worked. In
addition, for the calculation of Gini coefficients, the logarithm of hourly wages after it
being trimmed above (2.5 per cent) and below (2.5 per cent) is used.

On weighting

All estimates produced in this report with the preceding micro-data are expanded to
the actual population size. The expansion factors (or survey weights) are provided by
the original sources with the exception of China (both years) and Thailand (2007). In the
case of China we use the urban/rural population to impute a weight to each observation.
For each area (rural or urban), the weight of the /" person is defined as:

sample size

weight = —————————
g, population size

For Thailand, we use the Censuses of 2000 and 2010 to estimate the population living in
the rural/urban areas of each of the five regions of the country in 2007;° subsequently,
we follow the same procedure used for China.

7 See ILO: International Standard Classification of Occupations, ISCO-08: Vol. 1, Structure, group definitions and correspondence
tables (Geneva, 2012), and/or http://www.ilo.org/public/english/bureau/stat/isco/index.htm.

8 Generally, surveys provide the usual number of weekly hours worked. This figure is converted to monthly terms.

9 The population of 2007 is calculated by interpolation using the average population growth rate of each rural/urban area
of the five regions of Thailand between 2000 and 2010. Source: web.nso.go.th.
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Appendix F. Meta-information
on Burning Glass Technologies data

Burning Glass Technologies (BGT) is an employment analytics and labour market information
company that developed a database of employment vacancies posted online by employers
in more than 40,000 sources. The analysis in Chapter 3 is restricted to data available for 2012
and 2018 and includes only job postings with information on minimum work experience and
skill requirements. Our resulting data set includes nearly 16 million employment vacancies
across six countries. The countries, sample sizes and reference periods are summarized
in the following table.

Job postings were classified as entry level if requiring up to two years’ minimum experi-
ence, while non-entry level job postings are defined as those requiring more than two
years of previous work experience. The analysis uses national occupational classifications

and skills clusters provided by BGT.!

Australia 128,246 Jan.-Dec. 2012
137,467 Jan.-Aug. 2018
5,398 Jan.-Dec. 2012

New Zealand
ew ceatan 32,684 Jan.-Aug. 2018
Canada 128,246 Jan.-Dec. 2012
137,467 Jan.-Aug. 2018
Singapore 5,398 Jan.-Dec. 2012
9ap 32,684 Jan.-Aug. 2018
United Kinadom 128,246 Jan.-Dec. 2012
9 137,467 Jan.-Aug. 2018
X 5,398 Jan.-Dec. 2012

United Stat

nited States 32,684 Jan.-Aug. 2018

1 Note that computer literacy was classified as a software skill for the analysis in Chapter 3.





